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Orientation: The COVID-19 pandemic accelerated the shift towards flexible work
arrangements, highlighting concerns about work-life balance and employee well-being.
To address these issues, a reliable and validated measurement instrument to measure
work-life wellness in South African workplaces is essential.

Research purpose: The study’s main aim was to validate and assess the dimensionality of
the Work-Life Wellness Scale (WLWS), developed by Como and Domene (2022), within
the South African context. We also tested for approximate invariance of the measure for
age groups.

Motivation for the study: Limited research exists on the construct of work-life wellness
(WLW), and no validated instrument is available to measure this concept in South Africa.
Validating and providing empirical support for the dimensionality of the WLWS will
provide researchers and practitioners with a psychometrically sound instrument for
assessing WLW effectively. Approximate measurement invariance is a prerequisite for
studying differences between age groups.

Research approach/design and method: A quantitative, cross-sectional survey design was
employed, obtaining 323 completed responses from full-time employees of a South African
retail organisation. Statistical analyses included descriptive statistics, confirmatory factor
analysis, bifactor model analysis and measurement invariance across age groups.

Main findings: A bifactor model analysis revealed that the WLWS is essentially
unidimensional, with a dominant general work-life wellness factor. While items related to
work-life functioning (WLF) and work-life interference (WLI) are included, they primarily
reflect this overarching construct. Measurement invariance testing largely supported
configural, metric and scalar invariance across age groups.

Practical/managerial implications: The findings offer guidance for using the WLWS in
practice, emphasising the interpretation of the overall WLW score. Organisations can use
this validated tool to assess employee work-life wellness and develop targeted interventions
to improve well-being.

Contribution/value-add: This study adds value by providing an instrument for assessing
WLW in South Africa, contributing to local employee wellness research and informing
culturally relevant HR policies and practices.

Keywords: Work-Life Wellness; Work-Life Wellness Scale; Reliability and Validity;

Bifactor Modelling; Employee Well-Being; South Africa

Introduction and background

Employee wellness, defined as the overall state of an employee’s physical, mental and
emotional well-being in the workplace, is a significant concern for employers because of its
direct impact on productivity, absenteeism, retention and overall organisational performance
(Bhatasana, n. d.; Trivella, 2023). Although employee wellness was an important issue before
the Coronavirus Disease 2019 (COVID-19), the pandemic has significantly affected employee
well-being in South African organisations. It has necessitated a transition to remote work and
heightened the emphasis on supporting employees” overall well-being (Botha & Coetzee,
2022; Fatima et al., 2022). Research indicates that work-from-home arrangements have led to
challenges such as increased workloads, stress, burnout and loneliness at home (Botha &
Coetzee, 2022; Du Plessis, 2022; Terry, 2024). A significant challenge of working from home
is maintaining a healthy work-life balance and, consequently, work-life wellness. Work-life
wellness is understood as the equilibrium achieved between one’s professional and personal
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life, facilitated through various methodologies such
as integration, balance and segmentation (Como et al.,
2021). It thus represents a state of harmony between work
and life.

Como and Domene (2022) acknowledged the need to
enhance work-life wellness in the contemporary workplace,
leading to the development of the Work-Life Wellness Scale
(WLWS), a 10-item measure focusing on two key areas:
work-life functioning (WLF) and work-life interference
(WLI). While the scale has demonstrated internal consistency
(o = 0.90) within a Canadian sample, its psychometric
properties remain untested in other contexts. Given the
limited literature on the WLW construct and Como and
Domene’s (2022) recommendation to validate the scale
across diverse samples, this study first aims to establish the
construct validity of the WLWS within a South African
context. It furthermore responds to Como and Domene’s
(2022) call for further research on the structure of the work-
life wellness construct. While these authors theorised that
the WLWS measures two psychometrically distinct factors
(WLF and WLI), they recommended using the full scale,
stating that there was no empirical evidence to measure
WLF and WLI as independent subscales. The dimensionality
of the WLWS was consequently empirically assessed to
determine whetheritshould beregarded asa unidimensional
or multidimensional construct.

Questionnaire validation is crucial to ensure the accuracy
and reliability of instruments measuring latent variables or
constructs (Zhang & Aryadoust, 2022). This process involves
multiple interrelated tests to establish validity, reliability
and responsiveness (Carvalho et al., 2020). Validating
questionnaires in South Africa is crucial for ensuring cultural
relevance, accurate translation and psychometric integrity
(Laher & Cockcroft, 2013). Adapting instruments to local
norms and values maintains their reliability and validity,
leading to more effective interventions and equitable research
outcomes. This process supports culturally sensitive policies
and enhances the credibility of research.

Validating wellness scales in South Africa is crucial for
ensuring that measures of psychological well-being are
culturally and psychometrically appropriate. Studies on
scales such as the Flourishing-at-Work Scale (Short Form)
(FWS-SF) (Rautenbach & Rothmann, 2017), the Meaning in
Life Questionnaire (MLQ) (Temane et al., 2014) and others
have shown varied results, with some scales needing further
adaptation for the South African context. Challenges such
as language translation, cultural sensitivity and emic-
African perspectives (Diessel, 2007; Mhlongo et al., 2022)
must be addressed. Effective validation supports accurate
assessment across diverse populations and enhances the
utility of scales in clinical, community and work settings
(Laher & Cockcroft, 2013).

Evaluating the dimensionality of a measurement scale is
crucial for accurately capturing the underlying construct.
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This evaluation is essential for understanding the data’s
structure and ensuring the validity and reliability of the
measurement tool (Lutz et al.,, 2021; Markos & Tsigilis,
2024). While Como and Domene (2022) acknowledge the
existence of two highly interrelated dimensions of WLW
(WLF and WLI), they suggest a unidimensional structure
for the WLWS because WLW and WLI measure
complementary aspects of the WLW construct. However,
treating substantively multidimensional constructs as
unidimensional can lead to biased item parameter estimates,
loss of information and, ultimately, incorrect conclusions
(Garrido et al., 2019). An assessment of the dimensionality
of the WLWS is thus necessary.

Work-life wellness (WLW) typically varies across age
groups because of factors such as lifestyle, emotional
regulation and job characteristics. Research shows that
younger employees often experience higher stress and
poorer lifestyle choices, leading to lower WLW (Lucini
et al., 2023). In contrast, older workers often report higher
life satisfaction and better work-life balance, increasing
WLW (Choi et al.,, 2024). These differences necessitated
testing the WLWS for measurement invariance across age
groups to ensure that it reliably measures WLW for all ages,
enabling meaningful comparisons and guiding the
development of targeted age-specific workplace wellness
programmes.

Given this background, this study aims to assess the validity
and reliability of the WLWS, developed by Como and
Domene (2022), within the South African context. Validating
this scale will equip South African researchers with a
reliable measure that accurately captures the country’s
unique cultural, social and economic contexts, thereby
advancing local employee wellness research. The study
further aims to empirically assess the scale’s dimensionality
and test for measurement invariance across different age
groups. This study makes a theoretical contribution by
operationalising the WLW construct in South Africa,
enabling further research into the antecedents of employee
well-being and informing strategies to enhance it.

Literature review

In today’s competitive business landscape, organisations
increasingly recognise the importance of employee well-
being for sustainable success. Mounting evidence shows a
direct relationship between employee well-being and
organisational performance, prompting a shift in HRM
practices (Mahdia, 2024). This shift involves a dedicated
effort to create and maintain a supportive work
environment that improves employees” health and well-
being. Consequently, human resource management and
industrial and organisational practitioners are vital in
implementing initiatives that enhance employees” health,
happiness and productivity (Gupta et al., 2024).

The pandemic, which prompted a widespread shift to
remote work, has significantly impacted employee well-being
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(Du Plessis, 2022) and, by extension, work-life wellness
(Como & Domene, 2022). Work-life wellness (WLW) is a
relatively new concept in academic literature, referring to
the positive interaction between work and personal life
without requiring perfect balance or integration (Como
et al., 2020). Work-life wellness is defined as the ability to
thrive across various life domains while feeling satisfied
with the interplay between work and personal life (Como
& Domene, 2022). This concept differs from work-life
balance, which focuses on managing time between work
and personal life according to individual preferences
(Haar etal., 2019), and from work interaction with personal
life, which examines how work can either enhance or
interfere with personal life (Fisher et al., 2009).

Optimal work-life wellness enables individuals to effectively
manage various demands from both work and personal life,
such as taking vacation days to accommodate family needs.
Work-life interference occurs when work responsibilities
overshadow personal obligations, potentially diminishing
overall wellness (e.g., working late to finish a project). While
balancing work and personal life is crucial for job performance
and personal success, true work-life wellness goes beyond
mere balance (Como & Domene, 2022). It encompasses
feeling optimistic about both aspects of life, such as enjoying
one’s job and having time to pursue other interests, as well as
maintaining a harmonious connection between work and
personal life (e.g., having a supportive job with minimal
disruptions to personal time).

Como and Domene (2022) theoretically conceptualise work-
life wellness as a multi-dimensional construct, encompassing
both work-life functioning (the trade-off between work and
personal life) and work-life interference (instances where
work demands overshadow personal needs). This perspective
views work-life wellness as harmony achieved through
integration, balance and segmentation (Como et al., 2021).
Although the concept is new and the literature is scarce,
understanding and supporting work-life wellness is essential
for enhancing employees’ physical and mental health and
productivity (Como & Domene, 2022). Consequently, for this
study, the questionnaire developed by Como and Domene
(2022) was explicitly validated within the South African
context, responding to the authors’ call for further research in
different settings to confirm the construct validity of the
instrument.

The work-life wellness scale (WLWS) is a 10-item tool
designed by Como and Domene (2022) to assess work-life
wellness by focusing on two primary domains: work-life
functioning (WLF) and work-life interference (WLI). Work-
life functioning encompasses aspects of work-life balance
and the enhancement of personal life, while work-life
interference addresses how work can negatively affect one’s
personal life. The scale was developed by integrating items
from three validated scales. Initially comprising 11 items
across three domains — work-life balance (4 items), work
interference with personal life (5 items), and work
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enhancement of personal life (2 items) — one item was
excluded after factor analysis because of weak factor loading,
resulting in the final 10-item version. Participants rated each
item on a 7-point Likert scale, ranging from strongly disagree
(1) to strongly agree (7), with higher scores reflecting better
self-rated work-life wellness. The scale demonstrated strong
internal consistency, with a Cronbach’s alpha of 0.90 (Como
& Domene, 2022). While the WLWS consists of two
psychometrically distinct factors (WLF and WLI), Como and
Domene (2022) emphasise that these factors represent
complementary aspects of work-life wellness rather than
independent subscales. Given the lack of sufficient evidence
to treat WLF and WLI separately, the authors recommend
using the full-scale score to capture overall work-life
wellness. However, the dimensionality of the WLWS has not
been empirically confirmed in subsequent studies. The
present study empirically examines whether the scale should
be treated as a unidimensional or multidimensional construct
to address this gap. By thoroughly assessing the scale’s factor
structure, this study aims to determine whether WLF and
WLI should be considered distinct but related dimensions or
whether the scale functions as a single overarching measure
of work-life wellness. According to Zanon et al. (2021),
clarifying the dimensionality of a scale will enhance its
validity and improve its applicability in research and
practice.

Questionnaire validation is crucial in South Africa because
culturally and contextually relevant tools are essential for
accurately assessing and understanding wellness among
diverse populations (Stockton et al, 2024). Over the
past decade, only a few wellness questionnaires have
been validated in South Africa, which has resulted in lack
of reliable instruments for measuring well-being within
the country. For instance, Cromhout et al. (2022) investigated
the Questionnaire for Eudaimonic Well-Being (QEWB),
finding support for a bifactor structure in student samples
but a poor fit in adults, suggesting that the measurement of
EWB may differ across developmental phases. Mpondo et al.
(2021) validated several psychological well-being (PWB)
measures — hope, faith, social support, self-efficacy and life
satisfaction — for use in South Africa. These measures
demonstrated unidimensional factor structures, good model
fit indices and high internal consistency. Additionally, they
showed moderate to good test-retest reliability, with minor
practice effects. Similarly, Nel et al. (2019) validated the
Experience of Work and Life Circumstances Questionnaire
(WLQ), confirming its unidimensional structure and strong
fit among employees in the financial and health sectors. Du
Plessis and Guse (2017) evaluated the Scale of Positive and
Negative Experiences (SPANE) in university students,
finding generally good Rasch fit and reliability, with minor
issues in two items. These validated instruments, however,
tend to focus only on certain wellness aspects while
overlooking the broader concept of work-life wellness.
Therefore, this research aims to address a critical gap in
the literature by examining the psychometric properties of
the WLWS, which is crucial for its practical application in
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South African workplaces. By doing so, the study contributes
to the academic field and provides practitioners with a valid
and reliable tool for assessing wellness in a culturally and
contextually appropriate way for the diverse South African
population.

Materials and method
Research approach and design

A quantitative research approach was used for this study,
focusing on numerical data and statistical analysis for
objective measurement and comparison (Saunders et al.,
2023). Specifically, a cross-sectional survey design was
employed. Cross-sectional designs collect data from a sample
at a single point in time (Leavy, 2022), while surveys provide
a quantitative overview of trends, attitudes and relationships
between variables within a population through a
representative sample (Creswell & Creswell, 2022). This
approach offers a structured and efficient way to evaluate the
reliability and validity of a research instrument.

Research participants

The survey was administered to full-time employees of a
retail organisation that had initiated a wellness programme
following the COVID-19 pandemic. While the invitation to
participate in the study was extended to all 1829 full-time
employees, only those who had previously participated in
organisational wellness programmes were eligible. This
resulted in a purposive sample of 323 fully completed
questionnaires. The purposive sampling strategy, which
required an element of self-selection, allowed the
researchers to collect data directly pertinent to the research
objectives (Bell et al., 2022). Of the participants, 190 were
female (58.82%) and 130 male (40.25%), with 3 individuals
(0.93%) opting not to disclose their gender. The majority of
the participants were aged between 21 and 30 years
(9.91%), followed by those in the 31 to 40 years (36.84%)
and 41 to 50 years (33.75%) age groups. In terms of
education, the largest portion of participants held a
Bachelor’s Degree or Advanced Diploma (24.46%),
followed by those with a Grade 12 Certificate (17.65%) or
Diploma or Advanced Certificate (17.65%).

Measuring instrument

The Work-Life Wellness Scale (WLWS), developed by Como
and Domene (2022), was administered to measure work-life
wellness. The scale is a 10-item tool designed to measure
work-life wellness in two domains: work-life functioning
(WLF) and work-life interference (WLI). Participants were
required to rate each item on a 7-point Likert scale, with
higher scores indicating better work-life wellness. As
mentioned, the scale demonstrated strong internal
consistency (Como & Domene, 2022).

Demographic information, such as age, gender and highest
level of education, was also collected to describe the
respondents’ characteristics.
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Research procedure

The self-administered questionnaire was uploaded in English
onto the Qualtrics online platform, which generated a unique
URL. This URL and a participant information sheet were
included in an email sent to an identified gatekeeper within the
organisation. The gatekeeper then distributed the invitation to
participate and the questionnaire link to all 1829 full-time
employees, inviting those who completed the organisational
wellness programmes to participate in the study. Upon
accessing the link, participants were directed to the online
platform, where their responses were collected anonymously.

Statistical analysis

The statistical analysis was conducted using IBM SPSS
version 29, with statistical significance set at p < 0.05.
Confirmatory factor analyses (CFA), including bifactor
analyses, were conducted using IBM SPSS Amos (version
29), and the Bifactor Indices Calculator (Dueber, 2017) was
used to calculate ancillary bifactor indices.

Data screening involved checking for missing values and
identifying unengaged responses. In addition, skewness and
kurtosis values indicated no substantial deviation from
normality. Given the relatively large sample size (n = 323), the
normality of the sampling distribution could be assumed,
drawing on the central limit theorem (Field, 2024). Descriptive
statistics were used to analyse the respondents’ demographic
profiles and examine the main study variables at the item level.
Furthermore, Cronbach’s alpha was assessed to evaluate the
internal consistency of the items (DeVellis & Thorpe, 2022), and
the more robust composite reliability (CR) value was also
determined, with a threshold of 0.70 required to confirm that the
items consistently measured the construct (Cheung et al., 2024).

Bivariate correlations, through Pearson’s correlation
coefficient (Pearson’s r), were examined to assess the strength
and direction of the linear relationships between the two sub-
dimensions of the WLWS. The strength of the correlations
was interpreted using established guidelines (Field, 2024).
Specifically, correlations were considered weak if |71 < 0.3,
moderate if 0.3 < || < 0.5 and strong if || >0.5.

Confirmatory factor analysis (CFA) was conducted to test
how well a hypothesised measurement model fits the
observed data (construct validity) (Hair et al.,, 2019). To
investigate the factor structure of the WLWS, four competing
CFA models were tested (see Figure 1):

e Model 1: A unidimensional CFA model where all items
of the WLWS were loaded onto one factor, suggesting
that the WLWS measures a single, unidimensional
construct.

e Model 2: A first-order CFA model with the scale items
loaded onto their respective subscales. This suggests
that the WLWS measures two distinct but related
constructs.

e  Model 3: A second-order factor structure, where the items
load onto their respective subscales, and these subscales,



http://www.sajip.co.za�

Page 5 of 13 . Original Research

a b
WIW_F1  le— / WIW_F1  l¢—o
WIW_F2  |le— 0.85/ WIW F2  |e—o
% 0.88
0.80 WLW_F3  [¢— 084 —p  WLW_F3 |[¢&—
' 0.91
0.84 /
WIW_F4  |l— 082 M  wiwr |l
080
0.87 \
ogs —¥  WOWFS  e— WLW_F5  l¢—
0.77
0.77
074 T ww_ il [e— / WLW_I1  |¢—
0.87 \
WLW 2 |je— 0.83 WW_ 12 le—
0.83 - 080/'
0.77 \ '
WIW_ I3 |e— 093 — p  WIW_I3 le—
\ 0.92
WIW 14— 085 M wiw 4 e—
WIW_ 5 je— \A WW_I5  je—
< d]
/ WLW F1  |e—
S 0.65 l—
WIW_F2  |¢—— 071
0.85 |
7 0.65 l——
0.88 074
0gs —» WLW F3 e 0‘69
0.91
0.84
002 MWW e X
\ 0.81 <
0.93
WIW_F5  l¢—o
0.90 —
0.77
0.80
/ WW_1  e—
<—
0.83 WIW 12 |e— )
0.80 ¢
093 — 3  WIW_I3  |le—
0.92 ¢
085 A wiwis  le—
<—
\ WLW_I5  |l¢——
<—

Note: a, Model 1: Unidimensional; b, Model 2: First-order; c, Model 3: Second-order; d, Model 4: Bifactor.

WLW, work-life wellness; WLF, work-life functioning; WLI, work-life interference.

FIGURE 1: Confirmatory factor analysis models and standardised loadings.

in turn, load onto an overarching WLW factor. This
model suggests that the WLWS measures a broader
construct composed of two specific subconstructs.

e  Model 4: A bifactor model (also known as a nested-factor
or hierarchical model) includes a general factor (WLW)
influencing all variables and group factors influencing
specific subsets of those variables.

The unidimensional model was used to determine whether
all 10 items of the WLWS are explained by one higher-order
WLW construct. This model was compared to a first-order

http://www.sajip.co.za . Open Access

CFA model, which suggests that the WLWS measures two
distinct but related constructs (WLF and WLI) upon which
each set of items related to that factor load. This was followed
by a second-order model, which suggests that the WLWS
measures a broader construct composed of two correlated
subconstructs (WLF and WLI).

Researchers Dunn and McCray (2020) and Schaap and
Koekemoer (2021) caution against relying solely on goodness-
of-fit indices from CFA when assessing the dimensionality of
a measurement. They recommend conducting additional
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analyses, such as bifactor testing, local indicator
misspecification and approximate measurement invariance
testing, for a more comprehensive evaluation. The bifactor
model offers a more nuanced understanding of a construct’s
factor structure, particularly when both first- and second-
order models demonstrate acceptable fit (Rodrigues et al.,
2016a). The bifactor model proposes a general factor
(representing overall well-being or life satisfaction) that
influences all items, along with orthogonal specific
factors that capture the unique variance of each subscale
(Reise, 2012). This structure enables the simultaneous
examination of shared variance attributable to the general
factor and distinct variance associated with the specific
factors, providing a comprehensive understanding of the
construct’s dimensionality (Reise et al., 2010). A key advantage
of the bifactor model is its ability to distinguish the influence
of the general factor from the specific factors (Reise et al.,
2010). The orthogonality of the specific factors is a crucial
assumption, meaning they are independent after accounting
for the general factor (Federiakin, 2020).

Model fit was assessed utilising the Chi-square statistic
(x?), the Comparative Fit Index (CFI), the Tucker-Lewis
Index (TLI), the Root Mean Square Error of Approximation
(RMSEA) and the Standardised Root Mean Square
Residual (SRMR). For CFI and TLI, values above 0.90 and
0.95, respectively, were considered indicative of acceptable
model fit (Hair et al., 2019). The RMSEA and SRMR values
below 0.08 were considered a good model fit, while
RMSEA values below 0.08 were interpreted as reflecting a
reasonable fit (Hu & Bentler, 1999). In addition to the
aforementioned fit indices, Akaike’s Information Criterion
(AIC) was employed for model comparison (Sanderson,
2024). Lower AIC values indicate better model fit
(MacKenzie et al., 2018).

Several ancillary bifactor indices were calculated using
the Bifactor Indices Calculator (Dueber, 2017) to resolve
the question of multidimensionality. These include the
Explained Common Variance (ECV), which quantifies
the proportion of variance in the items attributable to the
general factor (Reise et al., 2013). A high ECV (= 0.70)
suggests that the general factor accounts for a substantial
portion of the variance, potentially indicating essential
unidimensionality (Rodriguez et al., 2016a). Omega
hierarchical (w,) further clarifies the proportion of
reliable variance in the total score attributable to the
general factor (Rodriguez et al., 2016b).

According to Rodriguez et al. (2016b), w,, should be greater
than 0.80 to assume essential unidimensionality. On the other
hand, the omega hierarchical subscale (w,) measures the
proportion of reliable variance in each subscale score that is
independent of the general factor, providing insight into the
distinctiveness of the subscales (Reise et al., 2010). Factor
Determinacy (FD) was also examined, which is the correlation
between factor scores and the factors (Pretorius &
Padmanabhanunni, 2024). When both o, and factor
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determinacy exceed 0.80 and are equivalent, essential
unidimensionality is supported (Schaap & Koekemoer, 2021).
Combined with the standard model fit indices, these indices
provide a comprehensive assessment of the bifactor model and
its implications for interpreting the WLWS's factor structure.

Finally, measurement invariance was tested to evaluate
whether the model was equivalent across different age
groups (Leitgob et al., 2023). This involved a stepwise
modelling process where factor configurations, loadings and
intercepts are progressively constrained to be equal across
groups (Lasker, 2024). The first step entailed testing
configural invariance, which determines if the factor
structure is consistent across groups (Putnick & Bornstein,
2016). Establishing configural invariance indicates that
groups interpret the items of a psychological measure in
terms of the same underlying constructs. If configural
invariance is supported, the next step is assessing metric
invariance, which examines the equivalence of factor
loadings across groups (Putnick & Bornstein, 2016). Equal
loadings suggest that groups respond to the psychological
measure in a similar manner. Subsequent tests of scalar
invariance evaluate the equivalence of intercepts, while strict
invariance assesses the equivalence of residual variances
(Putnick & Bornstein, 2016). Equal intercepts imply that the
observed scores on the psychological measure reflect the
same level of the target construct across groups, thus enabling
meaningful comparisons of means (De Roover, 2021).

Ethical considerations

Ethical clearance was obtained from the Ethics Review
Committee of Department of Human Resource Management
in the College of Economic and Management Sciences,
University of South Africa (ref #2688) and the participating
organisation granted permission. Informed consent was
obtained from all participants, and assurances of voluntary
participation and strict confidentiality were provided.

Results
Descriptive statistics

Table 1 provides a summary of the descriptive statistics
(mean and standard deviation) and reliability indicators
(Chronbach’s alpha and composite reliability) for the
variables (WLWS, WLF and WLI) and the bivariate
correlations between them. The mean score for the WLWS
was 4.50 (standard deviation [SD] = 1.50), suggesting a
moderate level of self-rated work-life wellness (7-point
Likert scale). For work-life functioning (WLF), the
participants scored 4.62 (somewhat agree; SD = 1.58),
indicating that they generally perceive a positive balance
between work and personal life. In contrast, the mean work-
life interference (WLI) score was 3.62 (somewhat disagree;
SD = 1.66). This score indicates minimal interference from
work in their personal lives (Como & Domene, 2022). It
should be noticed that, to compute the overall WLW score,
the items of the WLI subscale must be reverse scored.
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According to R. Como (personal communication, July 23,
2024), this aligns with the theoretical conceptualisation of
WLW, which emphasises a balance between positive (WLF)
and negative (WLI) wellness components.

The Cronbach’s alpha and composite reliability (CR)
coefficients for the overall scale were a = 0.84 and CR = 0.87,
respectively, exceeding the threshold of 0.70 (DeVellis &
Thorp, 2022; Hair et al., 2019). Similarly, the subscales
demonstrated strong internal consistency and reliability, with
WLF showing an a = 0.94 and CR = 0.94, and WLI also
recording an o = 0.94 and CR = 0.94. These results suggest
good construct reliability for the WLWS in the present sample.

The bivariate correlation between the two subscales was
r=0.72 (p < 0.01; large practical effect), suggesting potential
multicollinearity. However, the correlation between the
two subscales was not unexpected. It corresponded with
Como and Domene’s (2022) finding that WLF and WLI
represent complementary aspects of work-life functioning
and should not be used separately. The high correlations
between the two subscales and the overall scale (r = 0.93;
p = 0.01; large practical effect) suggest strong convergent
validity, supporting the notion that the two subscales
measure the same underlying construct (WLW).

Confirmatory factor analysis models

Confirmatory factor analysis (CFA) was used to evaluate
the factorial structure of the WLWS. Four competing
measurement models, as depicted in Figure 1, were tested.

Table 2 provides a summary of the results of these analyses.

Model 1 exhibits a poor fit of the observed data. Several key
fit indices fall outside acceptable thresholds. Specifically, the
CMIN/degrees of freedom [df] ratio of 18.53 far exceeds the
recommended value of 3.0, indicating a significant mismatch

TABLE 1: Descriptive statistics and bivariate correlations of the WLWS (N = 323).

WLWS [ CR X sD 1 2 3
Overall WLWS 0.84 0.87 4.50 1.50

WLF 0.94 0.94 4.62 1.58 0.93*

WLI 0.94 0.94 3.62 1.66 0.93*  0.72*

WLWS, work-life wellness scale; WLF, work-life functioning; WLI, work-life interference; a,
Cronbach’s alpha; CR, composite reliability; X, mean; SD, standard deviation, r, bivariate
correlation.

* p<0.01.

TABLE 2: Confirmatory factor analysis model fit indices (N = 323).
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between the model and the data. The RMSEA value of 0.23
also exceeds the minimum threshold of 0.05 for good model
fit or at least 0.08 for adequate fit. While the SRMR of 0.08
falls within the acceptable range (up to 0.10), it is borderline
and not considered ideal (good fit < 0.05). Furthermore, both
the CFI and the TLI, at 0.81 and 0.75, respectively, fall well
short of the recommended minimums of 0.90 and 0.95.
Finally, the AIC for Model 1 (688.68) is considerably higher
than those of the alternative models, providing further
evidence of its inadequate fit. Taken together, these results
strongly suggest that the unidimensional model poorly
represents the underlying structure of the data. The data
suggests a more complex structure, which was explored in
Models 2 and 3.

Models 2 and 3 showed a similar and acceptable model fit.
Their fit indices were generally within acceptable ranges:
CMIN/df = 3.29 (slightly above the ideal of 3.0), RMSEA =
0.08 (reasonable fit), SRMR = 0.02 (reasonable fit), CFI = 0.98
(above the recommended threshold of 0.90) and TLI = 0.97
(above the recommended threshold of 0.95). The AIC = 153.96
(lower than the value for Model 1). It is important to observe
that the identical fit indices observed for Models 2 and 3 do
not indicate a violation of the second-order model’s
assumptions. Instead, they demonstrate that these two
models are nested models that are mathematically equivalent
(Byrne, 2016). The AIC of 153.96 for Models 2 and 3 was
lower than that of Model 1. However, compared to the single-
factor model, the improvement in fit offered by these first-
and second-order models was minimal.

While the second-factor model (Model 3) provided an
acceptable model fit, suggesting that the higher-order WLW
factor explains the two subscales (WLF and WLI), the bifactor
model (Model 4) challenges this assumption. This model
proposes a general WLW factor that affects not only all items
but also separate sub-factors that account for variance in the
items beyond what is explained by the general factor. A
comparison of the first- and second-order models (Models 2
and 3) with the bifactor model (Model 4) suggests that Model
4 offers a statistically significant, although potentially slight,
improvement in fit (Ay? = 42.61, p < 0.001). While the
changes in CFI (ACFI = 0.01), TLI (ATLI = 0.007), RMSEA
(ARMSEA = -0.01) and SRMR (ASRMR = 0.006) are minimal,
the AIC difference (AIC = 24.61) is more pronounced.
Although the improvement in fit indices is modest, the
bifactor model (Model 4), as detailed in Table 2, provides a

Fit Index Prescribed Threshold Model 1 Model 2 Model 3 Model 4
Chi-square (CMIN) - 648.68 111.96 111.96 69.35
df - 35.00 34.00 34.00 25.00
p-value - <0.001 <0.001 <0.001 <0.001
CMIN/df <3.00 18.53 3.29 3.29 2.77
RMSEA <0.05 0.23 0.08 0.08 0.07
SRMR <0.05 0.08 0.02 0.02 0.02
CFl >0.90 0.81 0.98 0.98 0.99
TLI >0.95 0.75 0.97 0.97 0.96
AIC Low value 688.68 153.96 153.96 129.35

df, degrees of freedom; CMIN/df, Chi-square per degrees of freedom; RMSEA, Root Mean Square Error of Approximation; SRMR, Standardised Root Mean Square Residual; CFl, Comparative Fit

Index; TLI, Tucker-Lewis Index; AIC, Akaike Information Criterion.
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richer interpretation of the relationships between the
observed variables and the general and specific latent factors.
By accounting for both sources of variance (i.e., general and
specific factors), Model 4 provides a clearer indication of
what each scale measures. It also mitigates potential
multicollinearity resulting from the high correlation between
WLF and WLI by separating the shared variance (attributed
to WLW) from the unique variance (attributed to WLF and
WLI). The good model fit for the bifactor model suggests that
a structure that includes a general WLW and distinct sub-
factors likely best represents the WLW construct.

The relative importance of the general and specific factors
was determined by examining the standardised factor
loadings from the bifactor model (reported in Table 3).

All items loaded strongly onto the general WLW factor, with
loadings ranging from 0.65 to 0.93 — higher than 0.32, which is
the rule of thumb value to consider loadings as statistically
meaningful (Tabachnick & Fidell, 2019) — confirming that
these items contribute substantially to the overall WLW
construct. The items designed to measure WLF (WLW_F1 to
WLW_Fb) also demonstrated moderate to strong loadings on
the WLF factor, ranging from 0.51 to 0.62. This suggests that
these items capture variance specific to the WLF sub-
dimension, distinct from the broader WLW construct.
However, the results for the WLI factor were problematic.
While WLW_I1 to WLW_I4 exhibited low loadings on the
WLI factor, WLW_I5 displayed an exceptionally high loading
of 2.27. This, combined with the low loadings of the other
WLI items and a near-zero variance estimate for the WLI
factor itself, raised serious concerns about the measurement
of WLL This pattern of results is consistent with some of the
symptoms observed in Heywood cases, suggesting a potential
model misspecification or other issue (Collier, 2020). The high
loading for item WLW_I5 was investigated, but no data errors
were found. Because of the similarity in wording between
WLW_I4 and WLW_I5, a post hoc decision was made to
correlate their residuals, hypothesising that this similarity
might have introduced shared method variance. This decision
was made cautiously and based on the theoretical rationale
that the similar wording of these two items might have
introduced a method effect. The adjusted bifactor model
(Model 5) evaluating local parameter misspecifications on the
correlated residuals is presented in Figure 2.

A bifactor model (Model 5) was fitted to the data to examine
the structure of WLW, positing a general WLW factor and
two specific factors, WLW_F and WLW_I. The goodness-of-
fit indices and standardised regression weights are reported
in Table 4a and Table 4b. To provide a deeper understanding
of the WLWS’s factor structure, ancillary bifactor indices
were calculated following the procedures outlined by
Rodriguez et al. (2016a). Table 4a and Table 4b presents these
indices.

Despite a significant Chi-square statistic (y2(24) = 58.5,
p < 0.001), likely attributable to the sample size, the model
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demonstrated acceptable fit across other indices: RMSEA =
0.07, SRMR = 0.02, CFI = 0.99 and TLI = 0.98. The model
also exhibited a lower AIC (120.5) compared to alternative
models (see Table 2), suggesting a reasonable representation
of the data. The general WLW factor emerged as dominant,
with all items loading strongly (0.64 to 0.96), confirming their
contribution to the overall construct. While items WLW_F1
to WLW_F5 loaded moderately to strongly (0.52 to 0.62) onto
the WLF specific factor, the loadings for the WLI items
(WLW_I1 to WLW_I5) on their intended specific factor were
non-significant. Loadings were consistently low and,
critically, several were negative (-0.26 to 0.22). These negative
loadings suggest that, after accounting for the general WLW
factor, these WLW items are related to the opposite of what
WLI is intended to measure. This finding raises serious
concerns about the validity of the WLI scale and its
distinctiveness from general WLW.

The standardised loadings for both WLF and WLI were
substantially reduced when the general WLW factor was
included in Model 5, as expected in a bifactor model,
indicating that a large portion of the variance previously
attributed to these specific factors is now explained by
the general WLW factor. This pattern suggests that WLI,

TABLE 3: Standardised bifactor solution for the work-life wellness scale.

Item WLw WLF WLI
WLW_F1 0.65 0.55
WLW_F2 0.71 0.51
WLW_F3 0.65 0.53
WLW_F4 0.74 0.54
WLW_F5 0.69 0.62
WLW_I1 0.84 - -0.00
WLW_I2 0.81 = -0.00
WLW_I3 0.93 - 0.02
WLW_I4 0.90 = 0.05
WLW_I5 0.80 - 2.27

WLW, work-life wellness; WLF, work-life functioning; WLI, work-life interference.

M

WLW, work-life wellness; WLF, work-life functioning; WLI, work-life interference.
FIGURE 2: Adjusted bifactor model (Model 5).
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as currently measured, may not be a psychometrically
sound construct, and further investigation is needed.
Future research should examine the item wording,
reverse coding and the conceptualisation of WLI to
determine if the scale can be salvaged or if it should
be reconceptualised.

The Explained Common Variance (ECV) for the general
WLW factor was 0.78, indicating that this general factor
accounts for a substantial portion (78%) of the shared
variance among the items. The ECVs for WLF and WLI
were much lower (0.41 and 0.03, respectively), indicating
that these specific factors explain considerably less of the
shared variance in their respective items. The very low ECV
for WLI, in particular, strongly suggests that this factor may
not be well-defined.

Overall reliability (Omega [w]), as reflected in Table 5, was
high for all factors (WLW = 0.97, WLF = 0.94, WLI = 0.94).
However, the hierarchical omega (oH), representing variance
attributable specifically to the general factor after accounting
for the specific factors, was high for WLW (0.85) but
substantially lower for WLF (0.38) and near-zero for WLI
(0.00). Factor determinacy (FD) was high for WLW (0.98) and
WLEF (0.92) but suboptimal for WLI (0.73), suggesting that the
WLI factor scores are not reliably estimated.

These results suggest that the WLWS primarily measures
general work-life wellness, with the general factor accounting

TABLE 4a: Fit indices for the adjusted bifactor CFA model (N = 323).

Model  Chi-square df p-value CMIN/df RMSEA SRMR CFl TLI AIC
(CMIN)
Model 5 58.5 24 <0.001 2.44 0.07 0.02 0.99 0.98 120.5

Note: Goodness-of-fit indices.

df, degrees of freedom; CMIN/df, Chi-square per degrees of freedom; RMSEA, Root Mean
Square Error of Approximation; SRMR, Standardised Root Mean Square Residual; CFI,
Comparative Fit Index; TLI, Tucker—Lewis Index; AIC, Akaike Information Criterion.

TABLE 4b: Standardised loadings for the adjusted bifactor CFA model (N = 323).

Item WLw WLF WLI
WLW_F1 0.64 0.56 =
WLW_F2 0.70 0.52 =
WLW_F3 0.64 0.54 =
WLW_F4 0.73 0.55 =
WLW_F5 0.68 0.62 =
WLW_I1 0.84 = -0.04
WLW_I2 0.82 = -0.26
WLW_I3 0.96 = 0.22
WLW_I4 0.89 = -0.08
WLW_I5 0.81 = 0.06

Note: Standardised regression weights.
WLW, work-life wellness; WLF, work-life functioning; WLI, work-life interference.

TABLE 6: Measurement invariance assessment (N = 323).
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for most of the reliable variance. The strong general factor
(high ECV and oH) and the weak specific factors (low ECV
and oH, especially for WLI) support this interpretation. The
particularly problematic WLI subscale, with near-zero ECV
and oH and suboptimal FD, strongly suggests it may not be
measuring a valid construct distinct from general WLW and
raises serious concerns about its validity. While WLF showed
some distinctness, the low oH suggests that its contribution
to the overall scale score is limited, and most of its variance is
also captured by the general WLW factor. Therefore, while
WLF showed some distinctness, the WLWS appears to be
primarily measuring general work-life wellness.

While the adjustment to the bifactor model improved model
fit (Table 4a and Table 4b), this improvement should be
interpreted cautiously. Schaap and Koekemoer (2021)
observed that such improvements could be because of item-
specific method artefacts, such as item redundancy, rather
than a true reflection of a shared underlying construct.

Measurement invariance testing

To ensure that the construct being measured is equivalent
across different groups, tests for assessing measurement
invariance or equivalence (i.e., configural, metric, scalar
and strict) of the two-factor structure (Model 3) across age
groups were inspected as part of the validation process.
The results are summarised in Table 6.

The initial invariance assessment was performed at
the configural level to establish whether the same factor
structure was present across all age groups (Putnick &
Bornstein, 2016). The results indicate good fit to the
data (X*(68) = 169.67, p < 0.001; CFI = 0.97; TFI = 0,96;
RMSEA = 0.07; SRMR = 0.05), supporting the assumption
of configural invariance.

Next, metric invariance was examined to determine if the
factor loadings were equivalent across age groups
(Putnick & Bornstein, 2016). Comparing the metric

TABLE 5: Dimensionality indices for the work-life wellness scale.

Ancillary bifactor indices Prescribed threshold ~ WLW WLF WLI
ECV >0.70 0.78 0.41 0.03
Omega or Omega$ (w) >0.80 0.97 0.94 0.94
OmegaH or OmegaHS (wH) - 0.85 0.38 0.00
FD >0.80 0.98 0.92 0.73

Note: Omega or Omega$S (w or wS), total reliability of the scale or reliability of the specific
factors; OmegaH or OmegaHS (wH or wHS), hierarchical omega or hierarchical omega of the
specific factors.

ECV, Explained Common Variance; FD, Factor determinacy; WLW, work-life wellness; WLF,
work-life functioning; WLI, work-life interference.

Model e df V4 CFI TLI RMSEA SRMR ay? Adf ACFI ATLI ARMSEA  ASRMR Invariance
Configural  169.67 68 <0.001 0.97 0.96 0.07 0.05 - - - - - - Supported

Metric 187.42 78 <0.001 0.97 0.96 0.07 0.04 17.74 10 0.002 0.003 0.003 0.000  Supported

Scalar 196.74 88 <0.001 0.97 0.97 0.06 0.04 9.327 10 0.000 0.004 0.004 0.000  Supported

Strict 244.96 99 <0.001 0.96 0.96 0.07 0.05 57.546 21 0.011 0.002 0.002 0.009  Partially supported
Note: p <0.01.

%%, Chi-square statistic; df, degrees of freedom; CFI, Comparative Fit Index; TLI, Tucker-Lewis Index; RMSEA, Root Mean Square Error of Approximation; SRMR, Standardised Root Mean Square
Residual; Ay?, Change in Chi-square; Adf, Change in degrees of freedom; ACFI, Change in Comparative Fit Index; ATLI, Change in Tucker—Lewis Index; ARMSEA, Change in Root Mean Square Error of

Approximation; ASRMR, Change in Standardised Root Mean Square Residual.
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invariance model to the configural model revealed
acceptable changes in fit indices (Ax*(10) = 17.74, p < 0.001;
ACFI = 0.002; ATLI = 0.003; ARMSEA = 0.003;
ASRMR = 0.002), supporting the hypothesis of metric
invariance. This suggests that the relationship between
the items and their respective latent factors was consistent
across age groups, allowing for meaningful comparisons
of factor correlations.

Scalar invariance was then tested to assess the equivalence of
item intercepts across age groups (Putnick & Bornstein,
2016). The scalar invariance model, when compared to the
metric invariance model, also demonstrated acceptable
changes in fit indices (Ay?(10) = 9.327, p < 0.001; ACFI = 0.000;
ATLI = 0.004; ARMSEA = 0.004;, ASRMR = 0.000). This
indicates that individuals with the same level of latent factor
tended to respond similarly to the items, regardless of their
age. Therefore, comparisons of latent means across age
groups are considered valid and practical.

Finally, strict invariance was examined, assessing the equality
of residual variances across age groups. While metric and
scalar invariance had been supported, the test of strict
invariance returned mixed results. The Chi-square difference
test was significant (Ay*(21) = 57.546, p < 0.001), suggesting
that the strict invariance model fit significantly worse than
the scalar invariance model. Although the changes in TLI
(ATLI = 0.002) and RMSEA (ARMSEA = 0.002) were within
acceptable thresholds, the change in CFI (ACFI = 0.011) was
slightly above the recommended cutoff of 0.01. These
findings indicate that strict invariance was not fully
supported, suggesting that the residual variances of at least
some items differ across age groups.

In summary, the results suggest that the WLWS measures the
same underlying construct across groups (configural), with
the same relationships between items and factors (metric),
and with equal intercepts (scalar). However, the precision of
the measurement (residual variance) is not entirely consistent
across groups. Although strict invariance (equal residual
variances) was not fully supported, the establishment of
scalar invariance is sufficient to justify the practical use of
group comparisons.

Discussion

Validating wellness questionnaires in the South African
contextis crucial for ensuring accurate and culturally relevant
assessments of employee well-being (Rautenbach &
Rothmann, 2017). While previous research has explored
various well-being measures in South Africa, the Work-Life
Wellness Scale (WLWS) (Como & Domene, 2022) is yet to be
rigorously evaluated in this context. This study addresses
this gap by examining the psychometric properties of the
WLWS in a South African sample, focusing on its internal
structure, reliability, dimensionality and measurement
invariance across age groups. The findings provide strong
support for the internal consistency and essential
unidimensionality of the WLWS and largely support
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measurement invariance across age groups, although
full strict invariance was not completely achieved. While
further research is required to fully establish the scale’s
construct validity, particularly regarding convergent and
discriminant validity, this study offers preliminary evidence
for the WLWS as a potentially valuable tool for assessing
work-life wellness in South African settings. This can inform
HR policies, guide intervention development and contribute
to a deeper understanding of employee well-being in the
country.

Summary of findings

The descriptive statistics reveal that the mean score for the
WLWS was 4.50, reflecting a moderate level of perceived
work-life wellness. This suggests that, on average,
participants feel they have a moderate ability to balance the
demands of both work and personal life. Although the
WLWS includes items related to work-life functioning (WLF)
and work-life interference (WLI), the findings of this study
align with expectations from a bifactor model, where a
general factor explains most of the variance in the specific
factors. This challenges the independence of WLF and WLI
as separate constructs.

Given this, the results indicate that the WLI factor, as
currently measured, may not be a psychometrically reliable
construct within this South African sample. Specifically, the
scores on both the WLF and WLI item sets appear to reflect
overall work-life wellness rather than distinct aspects of
functioning and interference. As a result, interpreting the
mean scores for these item sets separately may be misleading,
as they are primarily driven by the general work-life
wellness factor. Considering the relatively recent
development of the work-life wellness construct and the
limited availability of comparable data, these findings
should be understood within the context of the present
sample.

This research aimed to validate the WLWS in a South
African context, evaluate its dimensionality and test for
invariance across age groups. Regarding the first sub-
objective, namely, to validate the WLWS, the study
provides evidence for the reliability and, to a large extent,
the construct validity of the overall WLWS score in a South
African sample. The strong internal consistency of the
scale, as evidenced by high Cronbach’s alpha (0.84) and
composite reliability (0.87) coefficients, suggests that the
items consistently measure the overall work-life wellness
construct. While the WLWS includes items related to
work-life functioning (WLF) and work-life interference
(WLI), the scale behaved essentially as a unidimensional
measure of overall WLW in this study. Therefore, these
high-reliability coefficients primarily reflect the strong
general work-life wellness factor, not the unique variance
of distinct WLF and WLI subscales.

Dimensionality analysis further supported the essential
unidimensionality of the WLWS. A bifactor model analysis
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demonstrated an improved fit compared to alternative
models, suggesting a dominant general WLW factor.
Ancillary bifactor indices (ECV and OmegaH) confirmed
this, showing the general factor accounts for a substantial
portion of the variance (78%) and reliable variance (97%) in
the items. This contradicts Como and Domene’s (2022)
proposed two-factor structure (WLF and WLI). While WLF
and WLI item sets can be examined, they should not be
treated as independent subscales.

The WLI subscale proved particularly problematic, with
near-zero ECV and OmegaH, as well as suboptimal FD,
raising concerns about its validity. Specifically, item WLW_
I5 exhibited an exceptionally high and likely spurious
loading on the WLI factor, while other WLI items had very
low loadings. This suggests a potential measurement
artefact or item-specific issue with WLW_I5, casting doubt
on the validity of the entire WLI item set. While WLW_I4
also showed a relatively high loading on WLI, suggesting
some shared variance, post hoc analyses indicated that
combining WLW_I4 and WLW_I5 improved model fit.
However, this improvement should be interpreted
cautiously. These items shared similar wording and
sentence structure, suggesting item-specific method
artefacts, likely because of item redundancy rather than a
true reflection of a shared underlying construct. This
redundancy could explain the improved model fit -
essentially reducing the influence of the method artefact —
but does not address the fundamental issue with the WLI
item set. While WLF shows some evidence of distinctness,
the overall pattern strongly suggests that the WLWS is best
represented as measuring a dominant general factor of
work-life wellness. This highlights the importance of
looking beyond overall model fit statistics, especially in
bifactor models and examining factor loadings and other
diagnostic information to avoid over-interpreting global fit
indices (Bornovalova et al., 2020). Further research is
needed to determine if WLF and WLI can be validly treated
as separate subscales or if a reconceptualisation of the
scale’s structure is necessary.

Concerning the third objective, testing for invariance across
age groups, the study provides substantial support for
configural, metric and scalar invariance. However, strict
invariance was not fully supported, suggesting that the
residual variances of at least some WLWS items are not
equivalent across age groups. Consequently, although
comparisons of latent means (i.e., comparing the underlying
construct scores) across age groups are valid, comparisons of
observed WLWS scores (i.e., raw item scores) should be
interpreted with caution, as differences in observed scores
may reflect variations in residual variance rather than true
differences in the underlying construct. When conducting
invariance testing, researchers should primarily focus on
comparing ‘latent means’ rather than observed scores and
always report effect sizes because this ensures that any
observed differences between groups truly reflect the
underlying construct being measured, not just variations in
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how the construct is measured across different groups (Putnick
& Bornstein, 2016). Future research should investigate the
source of this non-invariance and explore ways to address it.

Theoretical and practical implications of the
study

This study makes several key contributions. Theoretically,
this research contributes to our understanding of work-life
wellness by demonstrating that, despite its potential
multidimensionality (Como & Domene, 2022), the Work-Life
Wellness Scale (WLWS) functions primarily as a
unidimensional measure, capturing a dominant general
factor. The study also sheds light on the complexities of the
work-life interference (WLI) construct, raising important
theoretical questions about its measurement. Empirically, the
use of bifactor modelling and ancillary indices provides a
practical example for evaluating scale dimensionality. Finally,
the findings regarding measurement invariance across age
groups contribute to our understanding of measurement
equivalence.

Practically, the WLWS provides South African organisations
with a psychometrically sound tool to assess employees’
levels of work-life wellness. Organisations can use the
overall WLW score to gain insights into employees’
perceived level of work-life wellness. Based on these
insights, organisations can develop targeted interventions to
promote work-life wellness and evaluate their effectiveness.
These interventions could include organisational-level
initiatives, such as flexible work arrangements, remote work
options and mental health support (e.g., stress management
training) (Gupta et al., 2024), aimed at addressing common
work-life challenges. Personal interventions, such as
behaviour-based strategies (e.g., managing role conflict and
creating role balance) and cognition-based strategies (e.g.,
segmenting roles), must also be encouraged (Sirgy &
Lee, 2023).

Moreover, the data collected through the WLWS can enhance
existing wellness programmes and employee assistance
programmes (EAPs) by informing tailored work-life wellness
workshops that address specific employee needs and
demographics, enabling organisations to provide focused
support and guidance.

Furthermore, inviting experts in work-life wellness to lead
these workshops can offer valuable insights and strategies,
ensuring that the initiatives aimed at improving well-being
are culturally relevant and suited to the diverse South African
workforce.

Limitations and recommendations for future
research

Despite efforts to ensure scientific rigour, several limitations
should be acknowledged. Data were collected from a single
retail organisation, limiting the findings” generalisability to
other industries. Using purposive sampling, focusing on
employees who participated in a wellness programme,
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may have introduced selection bias (Benoot et al., 2016).
Participants in the wellness programme could be more
engaged with wellness issues than the broader workforce.
Although this approach required an element of self-
selection, which could limit the diversity of perspectives, it
encouraged participation from individuals with a vested
interest in the research, resulting in greater motivation to
engage and share their views (Zickar & Keith, 2023).
Consequently, the findings are not generalisable to other
workplace contexts, and further validation of the Work-
Life Wellness Scale (WLWS) in diverse settings is
recommended. Finally, while the study examines the
internal structure and some aspects of reliability, it lacks
data on convergent and discriminant validity. This limits
the scope of construct validity evidence, as it does not
demonstrate relationships with other wellness measures or
related constructs.

Conclusion

This study contributes to the literature by providing valuable
insights into the psychometric properties of the WLWS
within a South African context. The findings refine our
understanding of work-life wellness, revealing that the
WLWS, while potentially reflecting a multidimensional
construct (Como & Domene, 2022), primarily captures a
dominant general factor, suggesting essential
unidimensionality. This finding has important implications
for both the theoretical understanding and the practical
application of the WLWS.

Practically, this study offers clear recommendations for the
appropriate use of the WLWS, emphasising the interpretation
of the overall WLW score. These findings can inform the
development of more effective interventions and policies
aimed at promoting work-life wellness in South African
organisations. Future research should prioritise addressing
the identified limitations to enhance the scale’s utility and
contribute to a deeper understanding of work-life wellness in
diverse populations. By utilising insights from the WLWS,
organisations can improve their wellness and employee
assistance programmes, ensuring they address the unique
needs of the South African workforce. This study highlights
the importance of measuring and addressing work-life
wellness to promote healthier and more balanced work
environments.
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