Communicare: Journal for Communication Studies in Africa

Al

UNIVERSITY
JOHANNESBURG

open
access

AUTHOR(S)

Caroline Muyaluka Azionya
University of Johannesburg,
South Africa

https://orcid.org/0000-0003-
1051-274X

PUBLISHED ONLINE
Volume 44 (1) May 2025

Pages 92-106
Submitted April 2024
Accepted March 2025

DOI
10.36615/7s3kt098

ISSN
Online 2957-7950

Print 0259-0069

Vol. 44, No. 1

GPTs and Digital Superintermediaries: Dynamics,
Dilemmas, Dangers of Generative Al: A Conceptual
Framework

Abstract

The arms race in generative artificial intelligence and artificial intelligence has
transformed digital markets, with artificial-intelligence-powered platforms
projected to drive market growth to nearly $740 billion by 2030. However,
scholarly understanding of how these technologies affect platform competition
remains limited. This article explores how generative pre-trained transformers
influence digital superintermediaries’ market power, and examines whether
generative artificial intelligence capabilities reinforce or challenge existing
platform dominance. Using a conceptual literature analysis of platforms and
artificial intelligence development patterns, the research uncovers a critical
paradox: While generative pre-trained transformers represent revolutionary
advancement, they create novel forms of artificial intelligence market
concentration. The findings reveal how digital superintermediaries leverage
artificial-intelligence-powered platforms through control over computational
resources and data access, creating self-reinforcing cycles of artificial
intelligence capability enhancement. This research demonstrates how artificial
intelligence capabilities, particularly generative pre-trained transformers,

create new mechanisms of market power consolidation, suggesting the need
for innovative regulatory approaches that address the unique characteristics

© Author of generative artificial-intelligence-enhanced digital multisided platforms.
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INTRODUCTION

Andreessen (2011), an industry expert, envisaged that software would be the engine of growth and value
creation that would be applied in every industry. Andreessen (2011) predicted a period when virtually
all human tasks would depend on software and become digitalised. Likewise, Ghodsi (2023), CEO of
Databricks, predicts that in roughly 10 years, the disruptive effects of artificial intelligence (Al) will be
unfathomable and will make software intelligent. Notably, since November 2022, the exponential growth
and widespread use of generative pre-trained transformers (GPTs) among consumers, a type of generative
Al, has sparked an Al arms race among a group of powerful digital multisided platforms operating as digital
superintermediaries. In 2023 alone, a record $291 billion was invested across 691 generative Al projects,
which represents a 268.4% increase in deal value over 2022's total (Hodgson, 2024). Consequently, the
Al market is projected to grow to nearly $740 billion by 2030 (Statista, 2024). Simultaneously, there is an
ongoing battle in the Al landscape that is dominated by companies in the United States (US). OpenAl,
one of the dominant brands in the Al race linked with Microsoft, is forging ahead in creating newer
models with greater functionality. OpenAl has enabled its GPT-40 ("o" for Omni) with multimodalities that
accept text or image inputs. OpenAl o1 is a reasoning model designed to allocate more time to thinking
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before generating responses, enhancing its ability to tackle complex problems in coding, mathematics,
and science. Similarly, OpenAl is preparing to release agentic Al capable of autonomously planning and
performing complicated activities (Kolt, 2024).

Simultaneously, Microsoft hasembedded Al across all its platforms. Google has responded with Gemini
2.0, an agentic Al model capable of understanding its environment, planning multiple steps ahead and
completing tasks with minimal human supervision (Pichal, 2024). Meta released LLaMA 3 open-source
software and introduced several chatbots on all its social media platforms to intensify the competition
(Al-Amin et al, 2024; Meta LLaMA 3, 2024). Concurrently, Amazon is investing heavily in Anthropic to
ensure it remains competitive in the ongoing Al technology race. Claude 3.5, Anthropic's latest model,
achieves near-human performance in complex tasks, thereby advancing general intelligence (Anthropic,
2024). Analysts also posit that, as Al gains momentum, individuals seeking information online will gravitate
towards platforms embedded with generative Al. For example, OpenAl Search GPT, a new Al search
engine, can potentially challenge Google's dominance in the search engine market. Apple's generative
artificial intelligence (GenAl) offering, Apple Intelligence, is reportedly “two years behind its competitors”
(Market Insider, 2024). China's open-source DeepSeek is the notable challenger to the American
dominated Al landscape as its models outperform the incumbent Open Al on various parameters. These
companies, collectively and coupled with the rapid acceleration of their Al advancements and models, are
disrupting and transforming daily life and reshaping the corporate landscape. Their GPTs are redefining
how individuals live, work and interact with one another using their general problem-solving applications
- horizontal Al - and specific industry solutions - vertical Al (Dehouche, 2021; Kolade et al., 2023).

This technological shift, which Zerfass et al. (2018:496) describe as an example of "environment-
driven strategic complexity’; underscores the necessity for strategic communicators to anticipate and
adapt with agility to these innovations to remain effective in a rapidly evolving, vague, risky and complex
digital ecosystem.

Zerfass et al. (2018:493) broadly define strategic communication in this way:

All communication that is substantial for the survival and sustained success of an entity ...
[or] the purposeful use of communication by an organisation or other entity to engage in
conversations of strategic significance to its goals.

Al-powered superintermediaries enhance message crafting, dissemination and evaluation through
advanced analytics for real-time feedback and personalised engagement (Cropley, 2024). The influence
of Al on strategic communication extends beyond technological and tactical implementation. It influences
how organisations or entities present and promote themselves through deliberate activities that utilise
the “strategic calculus as their defining perspective” to achieve their objectives and ensure sustained
success (Zerfass et al,, 2018:502).

For end users, Al benefits include recommendation systems in e-commerce platforms that tailor
suggestions based on consumer behaviour. In addition, conversational Al provides round-the-clock
support through chatbots and virtual assistants that can interpret natural language commands to
perform tasks such as scheduling appointments or reading emails aloud. Al tools such as ChatGPT are
revolutionising strategic communication praxis by automating processes and workflows and augmenting
practitioners’ capabilities. Furthermore, intelligent user interfaces (IUls) powered by machine-learning
methods are transforming human-machine interactions and how entities across various sectors engage
in “conversations of strategic significance” (Zerfass et al., 2018:493) with stakeholders, especially regarding
their community relations and crisis management programmes (Moore & HUbscher, 2021). The nature of
hyper-personalised interaction displayed by and on superintermediaries’ digital platforms raises pertinent
guestions about whether their brand of persuasion constitutes control, nudging or influence (Moore &
Hibscher, 2021).
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The research gap

While scholars have extensively examined the economics of digital multisided platforms (MSPs)
(Belleflamme & Peitz, 2021) and the technical capabilities of Al (Wilson & Daugherty, 2018), there remains
a critical gap in how Al capabilities, particularly GPTs, reshape platform competition dynamics. Previous
research has focused primarily on network effects and data advantages in digital markets (Kenney &
Zysman, 2020). However, it has not fully addressed how developing advanced Al capabilities might create
new forms of market concentration that transcend traditional platform economics. Moreover, while studies
have investigated the technical aspects of GPTs (Dehouche, 2021), their potential role in reinforcing or
disrupting existing digital market structures remains understudied. This gap is particularly significant
given the unprecedented scale of Al investments and the potential for GPTs to fundamentally alter the
competitive landscape of digital markets. This article contributes to filling this research gap by employing
a conceptual framework that integrates diverse areas of interest to forecast future developments. The
framework is used to analyse the emergence and implications of Al-powered GPT superintermediaries.

APPROACH

This approach used in this study proves particularly appropriate for investigating emerging technological
phenomena as it enables the synthesis of theoretical insights across disciplines during periods of rapid
technological change (Webster & Watson, 2002). The conceptual review approach facilitates identifying
and analysing patterns in digital platform evolution with Al capabilities while drawing meaningful
theoretical connections across computer science, economics, communication sciences and digital studies.
The analytical process follows Jaakkola's (2020) conceptual research framework, which encompasses
identifying key constructs across disciplines, the analysis of relationships between these constructs, and
the development of new theoretical insights about Al capabilities’ influence on digital platform dynamics.
This article starts by defining GPTs, and then discusses the rise and hegemony of Al-powered digital
superintermediaries, their characteristics and challenges before concluding with predictions.

WHAT ARE GENERATIVE PRE-TRAINED TRANSFORMERS?

GPTs belong to a group of neural network models that use natural language processing (NLP) and GenAl
to comprehend and analyse human language and produce text, images or other media in response
to prompts (Harvard Online, 2023). GenAl is a transformer-based large language model (LLM). GPTs
employ a transformer architecture to forecast or predict the following word or token in a given sequence
(Roisenzvit, 2023). For the computer to understand text, phrases or paragraphs, the GPTs break it down
into individual words or tokens. In this way, it breaks down natural language into digestible chunks.

Simply put, GPT technology uses NLP to convert unstructured input such as texts, photos and audio
into normalised, structured data that can be used for analysis. The goal of NLP is to instruct computers to
understand words or phrases written in human languages (Khurana et al,, 2023). GPTs use an attention
mechanism, much like the human brain, to process all tokens concurrently and calculate the attention
weights between them at subsequent levels. Tokens describe the total number of words, regardless of
repetition rate, in a text corpus (Turner, 2015).

GPTs use attention mechanisms to break down problems into attention-based reasoning tasks,
focusing on specific subsets (Herndndez & Amigd, 2021). GPTs generate responses based on user
commands (Kalla et al, 2023), which enables content creation, query understanding and the solving
of complex societal issues. Beyond synthetic content generation, GPTs can build Al agents capable
of autonomously navigating the Internet and performing various online activities, including acting as
automated personal assistants (Kolt, 2024).

GPTs are trained on massive unstructured data at scale and are fine-tuned for specific tasks. Initially
trained on extensive Internet-sourced data, GPTs are refined through reinforcement learning based on
user input (Shumailov et al,, 2023). This fine-tuning enhances their proficiency and specialisation (Kamnis,
2023), enabling the models to generalise language structures and patterns for different projects. Despite
the impressive nature of these capabilities, it is important to raise questions about computational bias
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and the replication of results. The reliance on training data from existing sources can perpetuate historical
biases and limit creative and innovative thinking (Dehouche, 2021).

Furthermore, these models’ black-box nature raises significant concerns about the transparency and
accountability displayed in the decision-making processes. Algorithmic bias is the phenomenon witnessed
when a machine-learning model consistently yields incorrect results over time (Nelson, 2019). As GPTs
are deployed in decision making, how do we ensure that they are always transparent? Transparency
entails that Al authors must explain not only what went into an algorithm and what its output is but also
the decisions they took and the reasoning behind them (Nelson, 2019). These reflect more significant
cultural discussions on race, representation and technology and draw attention to the difficulties faced by
Al developers in striking a balance between representation and avoiding the perpetuation of prejudices
or biases (Umbrello, 2024).

Datafication

In the era of Al, data plays a more crucial role than ever. Data is a critical enterprise asset, value creator
and currency for competitiveness over rivals. Datafication is the conversion of social action into online
quantified data that enables real-time monitoring and forecasting (Mayer-Schonberger & Cukier, 2013).
Datafication as a concept suggests that the behaviours, attention spans and conduct of individuals are
converted into measurements that are inputted into big data networks, enabling improved tracking and
statistical evaluation across technological and societal domains. In addition, real-time quantifiable data
can also be gleaned from observing, tracking and converting customer brand experiences and other
interactions (Azionya, 2022a). Data mining and application are fundamental to understanding the real
value of data (Gu, 2023). However, this commodification of personal data raises fundamental questions
about privacy rights and democratic control. The assumption that data-driven decision making inherently
leads to better outcomes requires careful scrutiny, particularly given the opacity of algorithmic processes.
A case in point is the algorithmic study and commodification of user interactions on digital MSPs such
as Meta, Google and Amazon. Therefore, user-generated behavioural metrics and demographic data
are monetised by digital superintermediaries using a synthesis of platform users' digital footprints.
These sophisticated targeting mechanisms use precision-targeted marketing initiatives to generate
considerable financial returns for the digital superintermediaries. Consumer interactions generate big data
through online, mobile and data-driven services (Huberty, 2015), which platforms analyse using machine
learning and deep learning algorithms. For example, e-commerce platforms employ machine learning
for sales forecasting and deep learning for analysing user sentiment and generating recommendations
(Sarker, 2021; Taherdoost & Madanchian, 2023). Consequently, even in perfectly competitive markets, the
organisation with access to superior data has a competitive advantage. With the ongoing Al arms race,
the importance of data and data centres cannot be overemphasised.

Data centre

Data centres are places where data is stored, processed and released in real time. Most data centres
consist of computing, storage and network infrastructures. While no individual, firm or brand is precluded
from owning digital infrastructure, such as data centres, the mega data centres worldwide are owned
and managed by digital superintermediaries such as Amazon Web Services (AWS), Microsoft Azure and
Google Cloud, resulting in what is often called cloud data centres. The prohibitive costs of establishing
and operating data centres create significant barriers to entry for new companies, more so for those
based in Africa. In addition, the lack of capital investments in African infrastructure is a further barrier.
Currently, venture capital investments in Africa’s digital startups are less than 1% of the global total
(Robinson & Bhatia, 2025). Despite this challenge, Africa’s digital economy exhibits potential for growth
but is constrained by structural challenges, including the external control of its Internet infrastructure and
reliance on global tech giants for essential digital services such as cloud computing and Al capabilities
(African Union, 2020; World Bank Group, 2024). This external control exacerbates technological
dependencies (Robinson & Bhatia) and compounds existing digital divides across the continent.
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Big tech’s dominance of the data centre space has the self-serving purpose of managing data
and Al model training. Therefore, propriety data centres provide essential computing power through
specialised hardware for processing multiple data streams simultaneously (Gilani, 2025) to help maintain
their dominance. This concentration of computational resources entrenches digital superintermediaries’
market position, which reinforces their Al capabilities and market dominance. To counter this Al market
concentration in Africa, “"data centre infrastructure” and investments “designed to host mission critical
servers and computer systems, with fully redundant subsystems” (African Union, 2020:11) are needed
for context-specific solutions to achieve significant scale. As the influence and dominance of these
organisations grow, it is important to examine the mechanisms through which Al-powered digital
superintermediaries rise to prominence and establish their hegemony in the digital economy.

THE RISE AND HEGEMONY OF Al-POWERED DIGITAL SUPERINTERMEDIARIES

Digital superintermediaries

The term digital superintermediaries refers to a set of tech giants far above ordinary digital intermediaries,
middlemen and brokers in the digital economy (Azionya, 2022a; Overton-de Klerk, 2023). These digital
MSPs are the result of the fusion of social interaction and exponential fourth industrial revolution (4IR)
technology. Digital superintermediaries possess considerable market power, making it difficult to displace
them from their dominant positions. Based on their strong financial position, these digital behemoths have
the ability to act significantly and independently of their rivals, clients and, ultimately, end users (Franck
& Peitz, 2023). It is on this note that the European Commission (2023) has singled out several US brands,
namely Google (Alphabet), Apple, Meta, Microsoft and Amazon, and among them one Chinese company,
ByteDance, and named them gatekeepers of the digital economy. A digital gatekeeper is a platform that
allows some users to access only certain goods or only certain users at certain times (Alexiadis & de
Streel, 2020). This raises concerns regarding the concentration of power in the hands of a few oligopolists.
Therefore, digital superintermediaries, who exhibit monopolistic and self-preferring inclinations, serve
as gatekeepers in the 4IR and are the champions of Al. It is crucial to understand the characteristics of
digital superintermediaries to grasp how these powerful entities shape the digital economy and influence
market dynamics. This is depicted in Figure 1 (Digital superintermediaries power and value flow).
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CHARACTERISTICS OF DIGITAL SUPERINTERMEDIARIES

Although the list is not exhaustive, the subsequent section discusses important characteristics of
superintermediaries. Characteristics include their approach to preferencing, competition, ecosystems,
choice and decision making, data and related concepts, and network effects.

DIGITAL SUPERINTERMEDIARIES ACT AS SELF-PREFERENCERS

Self-preferencing is the practice of a major provider of core platform services favouring their own
goods and services over those provided by rivals on the same platform (Colangelo, 2022; Hutchinson
& Trescakova, 2022). For example, Apple and Google have been accused of favouring their own apps
while demanding disproportionate access fees from app developers. The gatekeepers gain substantive
enduring market power in the intermediation services market, which has a significant impact on the
underlying market or markets and is essential for users on all sides of the platform (Blichel & Rusche,
2020). Users pay extra costs and charges for the use of digital MSPs that can restrict their migration to
competitors. Platform owners impose a substantial amount of listing fees and (ad valorem) commissions
on app developers. Ad valorem is a tariff rate expressed as a proportion of the price (WTO, 2023). These
represent 30% of revenues on the App Store and Google Play in the first year and 15% in future years
(Padilla et al, 2022). They also charge advertisers who advertise their products on their platform and
customers who access the list of advertised prices on their platform. The business models of digital
superintermediaries demonstrate how market power is reinforced through strategic pricing mechanisms.

Al-enhanced business models build and maintain market power

Business models of digital superintermediaries demonstrate a sophisticated interplay between
traditional platform economics and Al capabilities. These Al-enabled business models operate through
interdependent customer relationships, where Al enhances both supply-side and demand-side
interactions (Ardolino et al,, 2020; Climent et al, 2024). Superintermediaries can shore up their platforms
by making one side free while letting the other side pay (Azionya, 2022a). This policy of “plug-and-play”
for the sides that are free, otherwise known as zero price market, and “pay-to-play” for the other sides of
their platforms is often known as a non-neutral price mechanism. Azionya (2022a) and the Organization
for Economic Cooperation and Development (OECD) Interim Report (2018) highlight how non-neutral
pricing systems create market imbalances, where users with lower price sensitivity face inflated charges
while other segments experience below-cost pricing across different sides of the market. The integration
of Al has transformed the traditional “plug-and-play” and "pay-to-play” dynamics in several ways.

For instance, in most cases, the free tier provides basic features that generate valuable training data
to improve the model (e.g. the free version of ChatGPT). The premium tier involves a paid subscription
with advanced capabilities and privileges (for instance, the $20 paid version), and an enterprise tier is
customised using Al solutions with enhanced computing power (requires a quote). As Lianos and Carballa-
Smichowski (2022) note, this effectively means that advertising revenue and premium subscriptions in
the Al-enhanced marketplace offset the cost of providing free Al services; enterprise services create
business-to-business (B2B) lock-in while simultaneously strengthening the superintermediaries’ Al
capabilities and market position.

The Al-enhanced business model generates more robust network effects than traditional platform
models (Climent & Haftor, 2021; Gregory et al., 2021) due to several synergistic factors: the data generated
by free users enhances Al performance across all tiers, advanced Al features increase switching costs
for users, enterprise-level Al integration fosters technological lock-in and continuous improvements in Al
capabilities incrementally augment the overall value proposition of the platform. Unlike traditional digital
platform business models that rely on interaction, Al-enhanced business models uniquely leverage data
feedback loops to improve continuously and create stronger technological dependencies among users.
These models benefit from data network effects, where the more users interact with the Al service, the
more data are generated, which in turn enhances Al performance (Climent & Haftor, 2021; Gregory et al,,
2021). This creates a virtuous cycle where better Al performance attracts more users.
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Data network effects

Like traditional digital platforms, digital superintermediaries are digital infrastructures characterised by
network effects. Network externalities, also known as network effects, represent a phenomenon where
a component, element, system or product's value increases exponentially with its user base, creating
positive externalities for all participants. The telephone is the standard illustration whose utility increases
logarithmically as the number of users increases. Digital superintermediaries have successfully used 4IR
technologies to create natural monopolies around their brands, which have a constant increase in return
on the value of the network. Digital superintermediaries tend to exhibit low variable costs as more users
join their network. Low variable costs and network externalities can generate enormous profits through
viral expansion, otherwise known as critical mass. For example, Amazon benefits from network effects
when more providers and consumers join the network. And as more providers and consumers/users join,
its value improves.

Gregory et al. (2023) propose a new type of network effect, termed data network effects, which
have arisen due to advancements in Al and the increasing availability of data. Gregory et al. (2023:534)
contend that “a platform exhibits data network effects if the more that the platform learns from the data
it collects on users, the more valuable the platform becomes to each user” This creates a virtuous cycle
where better Al performance attracts more users.

However, network effects have some potential drawbacks. Network effects have strengthened the
market dominance of digital superintermediaries, reduced competition and innovation, and created path
dependence, which makes it difficult for customers to switch from one platform to another. Specifically,
advanced Al features can create higher switching costs for users by integrating deeply into their workflows
or offering unique functionalities that competitors cannot easily replicate. Whenever critical mass is
reached and a strong network effect is enabled, digital superintermediaries can acquire significant market
power. This allows them to dominate supply chains, influence prices and create asymmetric relations in
value networks (Azionya, 2022a).

Competition

The argument for being positive about competition in the digital economy hinges on the possibility that
incumbents could be caught off guard by the disruptive innovation of a small startup company or an
unanticipated technological change. However, digital superintermediaries are hardly dislodged that way.
They have both the financial and technological capabilities to clone new products or services, crowd out
smaller competitors or simply buy the fledgling company to stifle competition. The capacity that they
have over other conventional businesses or ordinary digital intermediaries is severely diminished when
it comes to rivalry with other digital superintermediaries due to the significant repercussions of customer
lock-in effects (Blichel & Rusche, 2020). Digital superintermediaries also distinguish themselves through
their capacity to establish and orchestrate value-creating ecosystems.

Ecosystem
Platform ecosystems, emblematic of 4IR, emerge from cross-boundary interactions among interdependent
customers, fundamentally transforming business strategy in the digital economy (Tang & Qian, 2020). At
their foundation lies the value proposition, which delineates the ecosystem’s endogenous boundaries
(Adner, 2017) and serves as the primary mechanism for attracting or repelling interdependent participants.
Within these ecosystems, users engage in cooperative value creation and co-creation processes,
simultaneously generating value for themselves and the broader network. The resultant economic benefits
manifest through enhanced efficiency, stimulated innovation and the development of novel goods and
services (Kretschmer et al., 2022). The ecosystem's architecture comprises three principal constituents:
platform owners, interdependent complementors and consumers (Azionya, 2022a; Hilbolling et al., 2021).
Platform owners establish governance frameworks that regulate participation and interactions. They
implement measures to facilitate and promote value-creating mechanisms within these domains of
varied content creation (Hein et al,, 2020) through centralised systems of power, where platform owners
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exclusively define, establish and nurture governance processes. This centralised structure allows them to
rapidly build and modify governance measures that foster ecosystem growth (Hein et al,, 2020). Examples
include Amazon, Facebook (Meta), Apple iOS, Google Android and Microsoft.

This centrality positions them at the core of their networks, enabling control over ecosystems and
regulation of value flow. This often leads to reduced competition due to the concentration of economic
power in the hands of platform owners (Gawer, 2022). This governance-centric approach to ecosystem
management raises critical questions about power concentration and democratic participation,
particularly as platform owners increasingly shape both market dynamics and societal interactions
through their control of these digital infrastructures.

Choice and decision making

Since value exchange is a key fundamental of choice, digital superintermediaries endeavour to provide
services efficiently to consumers and users. They offer services such as real-time chat, recommendations,
ratings, evaluations, payments and e-commerce (Quarta, 2020), which help them, and their customers, to
make important market decisions. Choice and decision making on digital MSPs depend on interoperability.
Interoperability reduces clusters of people on a single platform and allows users to migrate from one
platform to another in real time (Belleflamme, 2020). The choices and wants of brands and consumers
are enhanced when products are easily accessible on more than one digital MSP. Therefore, lack of
interoperability results in users’ inability to multihome, thereby curtailing users' choices and wants
(Azionya, 2022b).

Contrastingly, mandatory interoperability (Fei, 2023) can be a barrier to entry for smaller competitors,
thereby limiting consumer choices. While interoperability appears to promote consumer choice and
market efficiency, this perspective overlooks significant drawbacks such as reduced innovation incentives
that diminish platform differentiation and unique value propositions.

Decision making can also be affected adversely. Algorithms can be useful for real-time data to
increase end-customer knowledge, forecast their purchase intent and aid decision making. However,
this can result in an algorithmic bubble that leads to fewer choices for consumers and users. According
to Lundqvist (2019), this phenomenon stems from consumers progressively delegating their purchasing
decisions to digital intermediaries. Lundqvist (2019) further contends that by surrendering their personal
and non-personal data to intermediaries, consumers effectively relinquish their responsibility to remain
informed, allowing these platforms to streamline or make decisions on their behalf. This raises the question
of whether consumers have the illusion of choice and whether they are truly empowered.

Power and information asymmetries

Power and information asymmetries refer to the notion that there is always a power imbalance that is
perpetually skewed in favour of certain actors and players. Information is considered unequally distributed
and will always benefit certain actors and players more than others (Arko, 2019). Information asymmetries
often lead to a lack of trust and increased uncertainty in social relations.

Overton-de Klerk and Azionya (2020) demonstrate how digital superintermediaries employ
algorithmic and Al-driven behavioural modelling to shape and prime users' perceptual bubbles through
targeted content, which effectively predicts and influences their responses to digital information. This
then becomes a self-reinforcing cycle that could lead to polarising effects in broader society as users are
seldom exposed to new or varying perspectives.

In addition, digital superintermediaries have the power of censorship through the suppression
or regulation of content and opinions on their platforms, giving them the ability to manipulate and
remotely control stakeholders, shape societal perceptions and culture by banning, shadow banning and
de-platforming users and their content or offering. These capabilities are traditionally associated with
institutions, organisations and governments with a degree of centralised control.

Therefore, one could ponder whether the old power imbalances still exist or have merely been rebuilt
and mutated into a form that customers are unaware of. Has the disintermediation of media created the
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false impression that digital consumers have been empowered, giving them the appearance of control
and agency? As power asymmetries shape digital interactions, the data economy and the quest for data
sovereignty become pivotal in redefining control and value.

The data economy, sovereignty and surveillance

The emergence of the data economy has fundamentally transformed how value is created and captured
in the digital age. Data has become a crucial economic resource that has enabled profit generation
through various channels, including cloud services, e-commerce platforms and targeted advertising
(UNCTAD, 2020). This economy's viability depends on the efficient extraction and refinement of data
into digital intelligence that can be monetised through commercial applications. At the centre of this
economic transformation are digital superintermediaries whose technological capabilities enable them
to rapidly convert digital data into economic value. Their dominance in data intermediary services raises
significant concerns about data sovereignty, particularly for African nations. These superintermediaries,
predominantly US-based, exercise considerable control over the collection, analysis, storage and use of
valuable data that spans multiple domains - from user behaviour and health to socio-political issues and
law enforcement.

The centralised nature of data storage and governance by these superintermediaries creates a power
dynamic that extends beyond mere economic advantages. Their position as corporate gatekeepers
allows them to determine participation in value creation processes, potentially enabling discriminatory
practices and compromising data privacy (Doerr et al, 2023). This control mechanism has evolved into
what scholars’ term “surveillance capitalism” (Zuboff et al, 2019), where personal data is systematically
harvested and monetised, often without explicit user consent.

The surveillance capabilities of these platforms have been significantly enhanced by current Al
particularly facial recognition systems that use artificial neural networks (Cirneanu et al,, 2023). Major
platforms such as Meta, Google and X leverage their extensive user networks to facilitate this surveillance
infrastructure. This system not only serves profit motives but unintentionally provides a platform for the
spread of digital disinformation and misinformation while maintaining the ability to share encrypted
information with governmental entities upon request (Marx, 2015). This synthesis reveals the complex
interplay between economic power, technological capability and surveillance in the data economy. The
concentration of control in the hands of digital superintermediaries raises crucial questions about data
sovereignty, privacy rights and the democratic governance of digital resources in an increasingly data-
driven world.

CHALLENGES POSED BY AI-POWERED DIGITAL SUPERINTERMEDIARIES

Energy and resources for running GPTs

The high costs and immense energy consumption associated with developing and training Al models
have historically been barriers to entry and have limited meaningful competition. This has led to a market
where only a few well-capitalised entities can afford to participate, fostering natural monopolies. In such
an environment, tech giants act as digital superintermediaries, consolidating their power and influence
(Azionya, 2022a; Kerber & Schweitzer, 2017). While the Al landscape is currently dominated by giants
such as OpenAl, the emergence of innovative startups like Chinese tech company DeepSeek offers
a promising counterbalance. Despite the narrative that DeepSeek’s model trains at 3% of the cost of
OpenAl, Kajal (2025) counters this assertion by stating that the actual training cost is $1.3 billion and not
$6 million. Kajal (2025) further clarifies that DeepSeek’s Multi-Head Latent Attention innovation reduces
inference costs by 94%. The hope is that reductions to the financial and environmental burden of Al
development will lower the barriers to entry, making it feasible for more startups and smaller companies
to compete. This could pave the way for a more diverse and competitive Al ecosystem, where innovation
is driven by a broader range of players rather than being concentrated in the hands of a few - breaking the
hegemony of big Al incumbents and fostering a more dynamic and competitive market. This underscores
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the importance of supporting and investing in innovative startups that prioritise sustainability and cost
efficiency, as they hold the key to a more equitable Al future. However, incumbents could adapt their
models to run with the same efficiencies and effectively limit competition.

Al ethics and algorithmic bias

As Al is gradually falling into the hands of dominant digital superintermediaries, other challenges include
how to handle issues related to algorithmic bias, transparency, ethics and data access. How can it be
ensured that Al or GPTs will not be manipulated to discriminate against anyone based on ethnicity, race
or colour? How do society, regulators and big tech ensure that Al or GPTs do not hallucinate? For refusing
to produce photos of White people, Google Gemini 1.5 image generation was accused of racial bigotry
against White people (Umbrello, 2024). The concentration of both computational and market power in
these entities creates a concerning feedback loop - their dominant market position provides access to
more data, which in turn strengthens their Al capabilities, further cementing their market control (Franck
& Peitz, 2023). This self-reinforcing cycle raises fundamental questions about the sustainability of market
competition in the Al era.

DISCUSSION

This conceptual framework focuses not on the existential threats posed by Al but rather on the implications
of Al industry domination by a small group of actors who have already established dominance in the
platform economy. While the efficiency gains from Al-powered digital superintermediaries are clear, the
societal implications of concentrating such fundamental technological capabilities in so few hands demand
greater scrutiny. The current trajectory suggests a future where these entities may become too integral
to the functioning of the digital economy to effectively regulate. Moreover, the increasing integration of Al
capabilities into core platform services raises profound questions about democratic oversight and market
accountability. The tension between innovation and consolidation creates a complex regulatory challenge
- how to preserve the benefits of scale and network effects while preventing the entrenchment of digital
monopolies. This paradox is particularly acute given the self-reinforcing nature of Al development, where
access to data and computational resources creates cumulative advantages that may be impossible to
overcome through market forces alone. As an increasing volume of exchanges, searches, transactions
and data generation occurs online and accumulates within digital superintermediaries’ systems, power
becomes increasingly concentrated in their hands. Digital superintermediaries function both vertically
and horizontally to manage the complete hardware and software infrastructure required to provide
Internet users with content and services (Smyrnaios, 2016).

Given that these digital superintermediaries have access to the largest datasets, the most substantial
computing power, the most accomplished teams of Al researchers and considerable financial reserves
for acquisitions, it is probable that Al will strengthen their market position (Kenney & Zysman, 2020). The
implications suggest that, with generative Al-enabled software, digital superintermediaries will dominate
the market as they are already dictating the pace of the Al revolution. As this revolution continues, it
will likely reduce competition and innovation, resulting in winner-take-all scenarios while creating path
dependence that discourages customers from switching between platforms.

CONCLUSION

The conceptual framework presented in this article presents the dynamics, dangers and dilemmas created
by the development of generative Al technologies. Dynamism is reflected in how these technologies
significantly reinforce the existing market power of digital superintermediaries through self-reinforcing
cycles of data accumulation, infrastructure control and Al capability enhancement that consequently
create unprecedented barriers to market entry and competition. Secondly, the dilemmas are illustrated
by recent developments in generative Al technologies’ minimal challenge to the existing market power
of digital superintermediaries as high infrastructure costs, data requirements and established platform
ecosystems make it extremely difficult for new entrants to compete effectively, despite technological
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innovations. However, this trajectory is not predetermined. While evidence suggests the dangers of market
consolidation, alternative paths exist. Innovations regarding efficient Al training could lower entry barriers,
regulatory interventions around data access might reshape competition, and the rise of open-source
Al models such as DeepSeek could challenge centralised Al development. This framework provides a
structured approach to understanding these evolving dynamics while acknowledging that uncertainties
around regulatory effectiveness and technological disruption are speculative. The conceptual model
offers insights into how Al capabilities interact with platform economics, establishing the groundwork for
analysing future developments in this rapidly evolving landscape.

RECOMMENDATIONS

To counter this, regulatory agencies must examine existing antitrust and tax policies and identify methods
to strengthen them to effectively govern the powers and influence of digital superintermediaries. These
organisations must be subject to regulations that advance interoperability, encourage competition by
lowering entry barriers and promote public interest through structural remedies (Montero & Finger,
2021). The European Union (EU) has taken the lead in enacting regulations that govern Al. They have
already implemented stringent rules for digital superintermediaries designated as gatekeepers of the
digital economy. The Digital Markets Act (DMA) of the EU mandates that designated gatekeepers of the
digital economy must allow consumers to choose which applications to pre-install on their devices and
they must make their messaging applications compatible with competitors’ products. In addition, they
cannot prohibit consumers from uninstalling pre-installed software or applications or favour their own
services over those of competitors (European Commission, 2023). While the decision taken by the EU
represents a significant step in the right direction, this research suggests that these crucial players in the
digital economy should not be subjected to excessive regulation. Evidence demonstrates that imposing
excessive regulations on economic actors impedes economic growth (Braunerhjelm & Eklund, 2014;
Vannoni & Morelli, 2021). This article supports a regulatory structure that protects consumers, rewards
investors and encourages businesses to innovate and create value, as an economy can only flourish with
appropriate regulation.
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