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Response to ‘A critical analysis of 
Discovery Health’s claims-based risk 
adjustment of mortality rates in South 
African private sector hospitals’ by 
Rodseth et al.
To the Editor: We write to you regarding ‘A critical analysis of Discovery 
Health’s claims-based risk adjustment of mortality rates in South African 
private sector hospitals’ by Rodseth et al. published in the SAMJ January 
2023 edition, vol. 113 issue 1.[1] The article is authored by employees 
and representatives of Netcare Limited, and critiques a previous article 
published by Discovery Health in the SAMJ in 2019[2] describing claims-
based risk adjustment of mortality rates in South African (SA) private 
sector hospitals. 

We welcome all additional scientific research and debate that will lead 
to improved measurement and quality of care across the health system, 
and further embrace debate around our article to achieve consensus 
on this important topic. In this light, we felt it important to address a 
number of the points presented in the Netcare article. The following 
assertions made by Rodseth et al.[1] are of concern and should be 
addressed in the context of the extensive efforts to ensure quality of care 
in all hospitals across SA.  

Measurement of outcomes from 
administrative data sources 
Administrative data are widely used and proven to accurately identify and 
measure variation in health outcomes.[3] Administrative data have the 
additional advantages of offering a larger quantum of data and cases, and 
ensuring consistency of data across patients.[4] Several studies globally[5-9] 
have demonstrated a strong correlation in clinical outcome and process 
indicators across administrative and clinical databases, validating the 
use of administrative data in measuring quality of care. In the absence 
of widespread implementation and adoption of electronic health records 
in private hospitals across SA, the use of available administrative data to 
determine variation in the quality of the healthcare services provided 
is critically important. Rodseth et al.’s assertion that the measurement 
of outcomes from administrative data sources is incomplete fails to 
acknowledge the value of comprehensive administrative data against 
the backdrop of largely incomplete electronic health record-keeping. 
It is pleasing and welcomed that hospital groups are now investing in 
digitisation, which will undoubtedly improve accessibility of clinical data 
for future studies relating to both quality and efficiency of care.

Selection of factors included in the 
analytical models
Rodseth et al. suggest that selection of factors used in the models is 
neither clinically validated nor intuitively obvious. This overlooks the 
fact that the Discovery Health methodology selected factors based 
on both clinical relevance and uplift to the model prediction 
accuracy.[2] The factors included in each of the models are well 
established clinically relevant risk factors, which are proven to have 
a strong influence on the outcomes. These include demographics 
(age, sex), acute risk predictors based on admission World Health 
Organization ICD10 coding and chronic risk predictors, consistent 
with well-established methodologies.[10]

Risk adjustment including scoring that 
predicts mortality outcomes
The Discovery Health risk adjustment models include the Truven disease 
staging grouper (DSG),[11] a tool validated and designed to predict the 
risk of mortality, owing to its importance and power in predictive models 
for mortality and morbidity. This DSG is similar to the alternative scoring 
systems put forward by Rodseth et al.  The DSG is a subcomponent of 

the medical episode grouper (MEG), which is the proprietary episode 
grouping methodology of Merative (previously Truven Health Analytics, 
an IBM Watson (USA) company). Today, >190 health plans, employers 
and state Medicaid agencies use MEG to compare and contrast medical 
and surgical options and costs in the treatment of diseases and medical 
conditions.

Model redundancy and multi-
collinearity
When the primary purpose of a model is prediction rather than 
inference, multi-collinearity and redundancy are not significant 
statistical issues. In fact, some studies suggest that including highly 
correlated variables in a prediction model improves its accuracy, and 
that machine learning and data-driven approaches may be less sensitive 
to these issues.[12-15] 

Technical information and sensitivity 
analysis 
The Discovery Health article[2] is an explanation and examination of 
variation in standardised mortality rates at hospital system level, and 
does not attempt to provide an exhaustive technical description of 
the methodology. Discovery Health has made significant efforts over 
an extended period of time to share and debate in-depth technical 
documents describing the full methodology and risk adjustment model 
with stakeholders across the private healthcare system. 

We welcome the ongoing dialogue and scientific debate on how to 
measure, report and improve the quality of care provided by private 
hospitals across SA. Collectively, we must do everything possible to 
maintain the high standards set in the private healthcare sector and 
improve the quality of care provided to patients across the system.   

Ryan Noach   
Chief Executive Officer, Discovery Health 
ryann@discovery.co.za
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