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Introduction
Transport in South Africa is a very complex issue. Access to and ownership of a motor vehicle 
provides status to the user and is regarded as a necessity because of the dearth of public transport 
(Henama & Sifolo 2017; Van Der Westhuizen 2007). However, factors such as cost, convenience 
and enforcement of drunken-driving legislation have resulted in more consumers intending to use 
other transport alternatives. Vehicles have been perceived as underutilised resources (Belk 2007), 
which encourages sharing of this resource with others (Weatherhead 2014; Zervas, Proserpio & 
Byers 2017). In this context, a ride-sharing solution can be regarded as one of these alternatives.

The sharing economy, or peer-to-peer-based sharing, is a phenomenon that allows individuals to 
profit from underutilised assets (PricewaterhouseCoopers 2015). The sharing economy has 
grown as a result of several factors (Orabi 2019). These include inter alia: technological 
developments, decreases in purchasing power rising levels of urbanisation in most countries as 
well as stringent environmental regulations that promote principles of sustainability (Orabi 
2019). The sharing economy, therefore, received growing attention from researchers in the last 
decade (Shereni 2019).

Through information and communication technology (ICT)-enabled platforms, both market 
and non-market activities (such as lending, sharing, renting and selling) are facilitated 
(Davidson, Habibi & Laroche 2018; Laurell & Sandström 2017). Collaborative consumption 

Orientation: The idea of collaborative consumption is developing among consumers, where 
underutilised or excess resources, skills and money are shared among peers for compensation. 
Collaborative consumption involves sharing, and as such, Uber, an app-based transport 
service enables those with spare vehicle capacity to provide a fee-based transport solution. 

Research purpose: This study investigates the intention to use this service in a South African 
context, specifically through the Technology Acceptance Model (TAM) and Theory of Planned 
Behaviour (TPB) because of the suitability of these models in this context. Differences between 
regular and seldom users are also examined.

Motivation for the study: With the widespread use of Uber in South Africa, understanding 
the factors contributing to the intention to use Uber requires examination.

Research design, approach and method: Data were collected using a quantitative survey 
among panel respondents of South Africans, using electronic data collection. The research 
instrument comprised pre-existing items measured on a 6-point Likert scale. A total of 367 
usable responses were received. Data analysis included testing for differences in means (t-test, 
Satterthwaite-Welch t-test, Anova F-test, Welch F-test) as well as regression analysis (by means 
of multiple regressions and two-stage least squares).

Main findings: The findings indicate that South Africans intend to use the service largely due 
to their positive attitude towards the service, the perceived usefulness (PU) of the app and 
perceived behavioural (PB) control associated with the service. The value of the app has been 
highlighted in this research, and the importance of its functioning is evident. 

Practical/managerial implications: The importance of providing a positive service experience 
impacts the intention to use the service in the future. This emphasises the importance of the 
service itself and the functioning of the app.

Contribution/value-add: Understanding the intention to use this service enables further 
development of this app and associated services.
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(CC) comes about when goods, services, solutions or money 
are shared among people linked to compensation 
(Möhlmann 2015). Examples of these services are found in 
different sectors, including media and entertainment 
(Spotify), hospitality (Airbnb), retail (Poshmark) and 
transport (Uber and Lyft) (PricewaterhouseCoopers 2015). 
Uber is an app-based transport service, with the app being 
integral to using the service. It is an example of CC as spare 
vehicle capacity is shared with others (Zervas et al. 2017). 
Uber employs ‘unused personal automobiles [and] a large 
pool of potential drivers’ by linking them to ‘a digital 
ecosystem’ to address a mobility issue among consumers 
(Spiegel 2016). Sharing allows this resource to be used, and 
this use occurs through the Internet (Belk 2014).  

Although being a relative newcomer to the continent, Uber 
views Africa as a growth market (Van Zyl 2016), with the 
intention to treat this market as important. Uber has been 
active in South Africa since September 2013 with more than 
4000 Uber drives – of which 2500 are in Gauteng (Henama & 
Sifolo 2017). Its entry into South Africa has seen widespread 
acceptance, with 2 million trips undertaken in the first 
6 months of 2015 (Segev 2015). Locals and tourists have utilised 
Uber as a cost-effective and safe transport system given the 
limited public transport alternatives (Henama & Sifolo 2017). 
While car ownership can be considered ‘culturally ingrained’ 
(Van Der Westhuizen 2007:336) within South Africa, increasing 
use of other forms of transportation, including public transport 
and CC services such as Uber have been recorded.

Understanding purchase intention has been a focus in 
marketing studies because of its link with behaviour, and 
intention can be predicted based on the attitudes towards a 
specific behaviour (Ajzen 1991, 2011). The Technology 
Acceptance Model (TAM) (Davis 1989) has been widely used 
to determine the acceptance of new technology (Mathieson 
1991; Taylor & Todd 1995; Venkatesh 2000), including in 
South Africa (Averweg 2008), and the Theory of Planned 
Behaviour (TPB) (Ajzen 1985, 1991, 2011; Ajzen & Fishbein 
2005) has been widely used to investigate purchase intention 
(Ajzen 2011). Studies using TAM have focused on the 
adoption of computer technologies and services (Al-Gahtani, 
Hubona & Wang 2007; Taylor & Todd 1995; Yang 2013), 
while TPB has focused on both products (Chen 2007; 
Hamilton & Terblanche-Smit 2018; Tarkiainen & Sundqvist 
2005) and services, including online services (Bhattacherjee 
2000; Chen, Fan & Farn 2007; Giles et al. 2004; Wu & Chen 
2005), automated vehicles (Kaye et al. 2020) and apps (Yang 
2013). Both models have been described as ‘empirically 
strong’ (Mathieson 1991:187) with their use in various 
countries and being associated with various types of 
technology-based products and services.

Sharing has not been widely studied (Belk 2010), and the 
intention to engage in CC has also lacked research attention 
(Hamari, Sjöklint & Ukkonen 2016). Much research into the 
sharing economy has been at the organisational level, with 
fewer studies into ‘individual-level studies’ among users 
(Cheah et al. 2020:2) and specifically in developing economies 
(Hossain 2020).

The impact of technology and specifically apps suggests that 
the perceptions of this technology influence the intention to 
adopt technological developments, as seen in the TAM model 
(Davis 1989; Natarajan, Balasubramanian & Kasilingam 
2017). The TPB model identifies attitudes, subjective norm 
(SN) and perceived behavioural control (PBC) as antecedents 
of intention (Hamilton & Terblanche-Smit 2018). This 
highlights the importance of intention as an individual is 
likely to act in accordance with their intentions (Liu et al. 
2012), and they impact a range of behaviours (Oliveira, 
Tomar & Tam 2020; Sheeran 2002), which could be impacted 
by demographic variables. Thus, given the importance of 
intentions, the purpose of this research is to investigate the 
intention of South Africans to use CC, specifically Uber.

The main aim and contribution of this study are to determine 
the appropriateness of these models in the CC context and 
also as they apply to ride-sharing solutions therefore 
specifically understanding consumer choices in this regard. 
The developing market perspective on these services has 
largely been neglected (Hossain 2020); thus this research 
allows for a unique perspective of CC in the context of a 
developing market and specifically in South Africa. The 
intention to engage and support these sharing models 
impacts the income of a range of people (e.g. drivers) as well 
as the local and national economy (Zervas et al. 2017). The 
intentions underlying this form of consumption are currently 
unclear, and the effect of societal norms and expertise in the 
adoption of this technology is currently unknown. Differences 
in the constructs between regular and seldom users are also 
examined – as this can provide further insight into the main 
drivers of CC.

Another contribution of our study is the size and representativity 
of the research sample. Our study includes 367 respondents 
compared to just more than 300 respondents of the South 
African study done by Giddy (2019). This sample in the Giddy 
(2019) study cannot be regarded as representative as the 308 
respondents in the study consisted only of Facebook contacts, 
reflecting built-in selection bias in terms of connection to the 
author. Another South African study (Maziriri et al. 2020) 
interviewed 152 Uber users in Johannesburg as respondents. 
The significant increase in the number of respondents of the 
current study is therefore a significant contribution to the 
literature in the field. 

The article commences by examining the theories associated 
with CC and the nature of both purchase intention and the 
TAM and TPB models. The study and the findings are then 
presented, and the article concludes by suggesting implications 
for other platforms and further research in the area. 

Literature review
To understand Uber as an example of CC, the intentions 
associated with using this service must be investigated. This 
section starts by examining CC and then presents the models 
used in the study.

http://www.actacommercii.co.za


Page 3 of 11 Original Research

http://www.actacommercii.co.za Open Access

Collaborative consumption
This technology has also affected ownership and the use of 
assets (Hamari et al. 2016), as assets can now be used without 
ownership (Belk 2013). In this context, CC has developed as an 
alternate form of consumption that implies that resources are 
distributed (or shared) for a fee (Belk 2014). It is viewed as a 
‘peer-to-peer activity of giving, obtaining or sharing access to 
goods and services’ (Hamari et al. 2016:1). Belk (2014) viewed 
this consumption as temporary access to a product or service, 
which occurs through access to the Internet. The Internet 
serves as a platform that facilitates sharing that is not limited 
by location (Belk 2014; Botsman & Rogers 2011). Reasons for 
engaging in CC include economic (lower costs), societal 
(increasing populations) and technological (smartphones) 
(Möhlmann 2015; Tussyadiah 2015). While there is agreement 
regarding the importance of the use of technology, because of 
the developmental nature of the field, clarity does not exist 
regarding the nature of sharing, the sharing economy and 
collaborative consumption and differences that exist between 
these terms (Laurell & Sandström 2017).

Uber as a case of collaborative consumption
Using the services offered by approximately 4000 drivers, 
Uber South Africa transported over half a million consumers 
in its first 30 months of operation (Uber 2017). The use of Uber 
requires a customer to first download their app and register 
an account. When a customer wants to use the service, they 
open the app and indicate the desired destination. An 
estimated charge and waiting time will be generated. If these 
are acceptable, the use of the service can be confirmed, and the 
vehicle will be dispatched. The service enables underutilised 
vehicles to be used to transport people for a fee. This can 
contribute to reducing waste and enables passengers to be 
productive or to avoid prosecution for driving under the 
influence of alcohol (PricewaterhouseCoopers 2015).

These services have not been without controversy, and they 
have also affected other businesses. The controversy involves 
the service’s legality and employment conditions, a situation 
not limited to South Africa (Naughton 2016). Issues have also 
arisen regarding the safety of both drivers and passengers; 
hence some contemporary authors have questioned whether 
consumers should use Uber (Sodha 2017). Uber has not 
substantially affected car sales in the short term, but car 
rental companies and taxi organisations have experienced 
significant declines in the demand for their services (Wallsten 
2015), though the long-term impact is currently unclear 
(Naughton 2016). Opposition to Uber has come from the taxi 
industry, which views Uber as a competitor ‘stealing their 
business’ (Akoob 2017).

The intention to engage in collaborative 
consumption
Understanding consumption intentions is important to 
marketers because of the link between intention and future 
behaviour (Ajzen 2011), and this is also the case with CC 
(Tussyadiah 2015). Intentions reflect the motivational factors 

that impact a person’s behaviour and reflect the amount of 
effort they are prepared to expend to perform the behaviour 
(Ajzen 1991). In general, the stronger the intentions, the more 
likely it is that the behaviour will occur (Ajzen 1991; 
Mathieson 1991), though other factors can also impact the 
behaviour (Ajzen 2011). Previous research concerning apps 
suggests that the intention to use an app will translate into 
actual use (Yang 2013). 

The Technology Acceptance Model
The TAM (Davis 1989) is the most widely used model and 
has been developed to determine the acceptance of technology 
(Al-Maghrabi, Dennis & Vaux Halliday 2011; Venkatesh 
2000) by addressing two specific factors, namely perceived 
usefulness (PU) and perceived ease of use (PEU), as indicators 
of the intention to use a specific technology. Perceived 
usefulness refers to the extent to which a technology will 
help people in their job (Davis 1989) and in their life, while 
PEU refers to the extent to which a technology’s use is ‘free 
from effort’ (Davis 1989:320). In the case of apps, PU is 
associated with the extent to which the app provides timely 
and customised information (Yang 2013). Technology that is 
perceived as being useful and easy to use results in its 
acceptance (Venkatesh 2000).

Criticism of this model has been linked to its relatively 
generic nature as it does not investigate specific aspects of 
the technology, neither does it examine actual use behaviour 
(Bouwman & Van De Wijngaert 2009). A further criticism of 
this model is that it is unclear about the extent to which it 
gives an indication of actual behaviour and that other 
factors, such as self-efficacy may provide clearer insights 
into the adoption of technology (Bouwman & Van De 
Wijngaert 2009). As it does not take other aspects of 
behaviour into account (Nysveen, Pedersen & Thorbjørnsen 
2005), the inclusion of social aspects and PBC has been 
recommended.

The Theory of Planned Behaviour model
The TPB is described as an intention-based model linked to 
several beliefs concerning intended behaviour (Bhattacherjee 
2000). This model (Ajzen 1991, 2011) is derived from the 
Theory of Reasoned Action (Fishbein & Ajzen 1975), which 
identifies three determinants of an intention (Ajzen 2011; 
Chen et al. 2007; Hamilton & Terblanche-Smit 2018). Firstly, 
the attitude (ATT) or predisposition toward a behaviour, 
which refers to the overall evaluation of a product (Ajzen 
1985), service or (in this case) app (Yang 2013).

Secondly, the subjective norm or social pressure to engage in 
the behaviour, which is based on the opinions of people who 
are close to the individual (Chen et al. 2007) and thus reflects 
normative expectations (Giles et al. 2004). 

Thirdly, Perceived Behavioural Control, which refers to the extent 
to which a person believes they are in control of specific action. 
This is associated with how difficult or complicated a person 
perceives that action to be (Ajzen 1991; Francis et al. 2004; 
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Taylor & Todd 1995). This reflects an individual’s confidence 
in carrying out the behaviour (Ajzen 1991) and is influenced 
by factors such as access to resources and knowledge. 

The model and hypotheses in the study
The use of both models is necessary in the context of online 
services due to their nature that includes an online (or 
technology) component that is integral to the provision of the 
service. Thus, this study uses both the TAM and the TPB 
model in investigating consumer intentions, as both TAM 
and TPB serve as appropriate predictors of intentions 
(Mathieson 1991).

These models have been widely used to measure intention 
in a wide range of services (Chen et al. 2007; Giles et al. 2004; 
Lee, Xiong & Hu 2012; Mathieson 1991; Taylor & Todd 1995; 
Wu & Chen 2005) and can thus be regarded as suitable in 
the case of Uber. Examples of these services include 
electronic tolling services (Chen et al. 2007), online brokerage 
services (Bhattacherjee 2000), online tax services (Wu & 
Chen 2005) and IT software (Kim 2010; Mathieson 1991; 
Taylor & Todd 1995).

Due to the importance of intentions to behavioural outcomes, 
understanding the factors contributing to the intention to 
engage in CC is necessary, and in the case of Uber (an app-
based service), use of both these models is required, similar 
to other technology-based services (Bhattacherjee 2000; Chen 
et al. 2007), as reflected in Figure 1.

Two categories of hypotheses have been formulated, linked 
to the specific models, and are reflected in the model. 
Previous research has indicated the importance of PU as well 

as PEU in understanding attitudes toward technological 
products (Chen et al. 2007; Taylor & Todd 1995; Venkatesh 
2000; Wu & Chen 2005), resulting in the formulation of the 
following hypotheses. 

PU indicates the usefulness of the technology and has 
previously been shown to positively influence attitudes 
towards a range of products and services (Cheah et al. 2020). 
As PEU reflects how uncomplicated a technology is to use, 
with ease of use influencing the customer technology 
preferences. Together, PU and PEU affect the overall attitude 
toward the technology, with positive PU and PEU resulting 
in a positive attitude. As Uber requires an app, the consumer 
must believe that the app (and the service) contributes 
positively to their life (PU) and is easy to use (PEU). This will 
then contribute to the development of a positive attitude and 
intention to use the technology. Thus, we hypothesise: 

H1: PU has a significant positive effect on the attitude toward 
using Uber, and

H2: PEU has a positive effect on the attitude toward using Uber.

Further, PEU affects PU, with a relationship between these 
two variables (Natarajan et al. 2017), thus a positive 
evaluation of PEU influences the positive perception of PU 
(Chen et al. 2007; Wu & Chen 2005). As the person perceives 
the Uber app as easy to use, they are will perceive it as useful, 
thus we propose:

H3: PEU has a positive effect on the PU of Uber.

Perceived usefulness, while impacting the individual’s 
attitude, also has a direct effect on customer intentions 
(Natarajan et al. 2017), though this can vary depending on 
the context and product category under investigation 
(source). Finding the Uber app as useful, we propose:

H4: PU has a positive effect on the intention to use Uber.

In the case of model 2 (TPB), previous research has indicated 
a relationship between the three components in the TPB and 
the intention to carry out the behaviour. It is hypothesised 
that these individual components of TPB will positively 
affect the intention to use Uber, as provided below. 

A positive (or favourable) attitude leads to a positive 
intention to engage in the behaviour (Liu et al. 2012) as seen 
in its potential impact on both intentions and actual behaviour 
(Ajzen 1987, 1991, 2011; Solomon et al. 2013). The more 
positive a person’s attitude is towards a behaviour, the more 
likely that person is to behave in that way (Ajzen 1987). In the 
case of Uber, a positive attitude towards the service will be 
reflected in an intention to use the service. Thus, the following 
hypothesis has been formulated:

H5: Attitude has a significant positive effect on the intention to 
use Uber.

The influence of people, as reflected in the SN, impacts the 
intention to engage in a behaviour (Liu et al. 2012). Subjective 
norm plays a significant role in explaining the intention to 
use e-commerce services (Bhattacherjee 2000; Yang 2013) as it 

Source:  Adapted from Chen, C.-D., Fan, Y.-W. & Farn, C.-K., 2007, ‘Predicting electronic toll 
collection service adoption: An integration of the Technology Acceptance Model and the 
theory of planned behavior’, Transportation Research Part C: Emerging Technologies 15(5), 
300–311. https://doi.org/10.1016/j.trc.2007.04.004
TAM, Technology Acceptance Model; TPB, Theory of Planned Behaviour.

FIGURE 1: The model used in the study.
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is impacted by the desirability of the behaviour (Alam & 
Sayuti 2011). In the case of Uber, SN is a relevant construct, 
and if important ‘others’ think a person should use the 
service, then that person will be more likely to do so. Thus, in 
this study, we propose:

H6: Subjective norm has a positive effect on the intention to use 
Uber.

The ability to engage in a specific behaviour is determined 
by the perceived control over the behaviour and confidence 
in carrying out the behaviour (Alam & Sayuti 2011). In the 
case of an app such as Uber, this includes both financial 
resources and access to a smartphone to register and use 
the app and the ability to pay for the service (Taylor & 
Todd 1995; Yang 2013). If a person believes that they will 
be able to use the Uber service and that they have the 
necessary resources and skills, then the intention to use 
the service will increase. Thus, hypothesis 7 is formulated 
as follows:

H7: PBC positively influences the intention to use Uber.

Methodology
Research design, population, data collection and 
sampling
As the purpose of the study was to investigate the intention 
of the South Africans to use Uber, a quantitative study was 
conducted using pre-existing scales associated with the two 
models. The population was defined as South Africans who 
were aware of Uber, and a filter question was used to 
determine this awareness. Those respondents who were not 
aware of Uber did not continue with the survey. 

Consumer panels can provide a practical way to collect data 
as the provider has a clear picture of the nature of their panel 
members  (Babin & Zikmund 2015). Awareness of Uber was 
necessary to take part in the survey, and this served as a 
filter question to ensure that respondents were suitable to 
take part. A panel data collection organisation used their 
existing panels to distribute the electronic questionnaire 
throughout South Africa, resulting in a total of 367 usable 
responses, indicating the use of a convenience sample (Babin & 
Zikmund 2015). Ethical issues were addressed through 
anonymity and confidentiality, with data being collected 
according to the principles of the General Data Protection 
Regulation (GDPR).

Questionnaire design
The survey consisted of two sections. Section A included 
demographic questions focused on gathering data concerning 
the respondent. Section B presented items associated with 
the TAM and TPB. The framework proposed by Francis et al. 
(2004) was used in the development of the TAM and TPB 
parts of the instrument as well as previous studies 
(Bhattacherjee 2000; Chen et al. 2007; Mathieson 1991; Taylor 
& Todd 1995). The internal reliability measurements from 
previous studies are provided in Table 1. The complete 
instrument appears in Appendix 1.

A 6-point Likert scale (1 = Strongly disagree; 6 = Strongly 
agree) containing three positive and three negative scale 
options that remove the midpoint (Chomeya 2010) was used. 
A filter question was inserted at the start of the questionnaire 
to ensure that if a respondent was unaware of Uber, they 
would be excluded from the study. Data analysis was 
conducted using SPSS 26, which included both univariate 
and multivariate analysis.

Ethical considerations
The article followed all ethical standards for carrying out 
research without direct contact with human or animal 
subjects. The data was collected anonymously and stored 
according to General Data Protection Regulations (GDPR).

Findings
Sample characteristics
Table 2 provides a summary of the basic demographic and 
socio-economic characteristics of the respondents in the 
sample. The majority (56.7%) of the respondents were male, 
and 46.6% were aged between 25 and 34 years. The majority 

TABLE 1: The instruments used in the study.
Construct Source Number of 

items
Internal reliability

Chen et al. 
(2007)

Taylor and Todd 
(1995)

PU Chen et al. (2007) 6 α = 0.93 α = 0.68
PEU Bhattacherjee (2000)

Chen et al. (2007)
5 α = 0.96 α = 0.71

Attitude Taylor and Todd (1995)
Chen et al. (2007)

6 α = 0.94 α = 0.85

SN Taylor and Todd (1995)
Chen et al. (2007)

6 α = 0.97 α = 0.88

PBC Taylor and Todd (1995)
Chen et al. (2007)

8 α = 0.89 α = 0.70

Intention Chen et al. (2007) 7 α = 0.97 α = 0.91

PU, perceived usefulness; PEU, perceived ease of use; SN, subjective norm; PBC, perceived 
behavioural control.

TABLE 2: Demographic characteristics of the sample.
Characteristics Frequency % Valid % Cumulative %
Gender
Female 152 41.4 41.4 41.4
Male 208 56.7 56.7 98.1
Prefer not to say 7 1.9 1.9 -
Total 367 100.0 100.0 100.0
Age
Younger than 25 17 4.6 4.6 4.6
Between 25 and 34 171 46.6 46.6 51.2
Between 35 and 44 155 42.2 42.2 93.5
Between 45 and 54 14 3.8 3.8 97.3
Older than 55 3 0.8 0.8 98.1
Prefer not to say 7 1.9 1.9 -
Total 367 100.0 100.0 100.0
Primary occupation
Student 16 4.4 4.4 4.4
Employed (paid full time) 301 82.0 82.0 86.4
Pensioner/Retired 31 8.4 8.4 94.8
Self-employed 8 2.2 2.2 97.0
Unemployed 4 1.1 1.1 98.1
Prefer not to say 7 1.9 1.9 -
Total 367 100.0 100.0 100.0
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(82%) were employed in paid, full-time positions, and 85.3% 
indicated that Uber operated in the city in which they lived. 
A total of 60.8% indicated that they had used Uber in the past 
and 30.6% indicated that they used Uber once per month or 
more. Nearly all the respondents (85%) owned a car.

When asked to explain why they used Uber, the majority 
indicated that it allowed them to enjoy a drink without a 
concern for having to drive afterwards. Other reasons for 
using Uber included Uber’s convenience when travelling, 
not having to drive, finding parking and the convenience 
associated with Uber.

The frequency of use of Uber was used to determine differences 
between the variables. Users were recoded into two groups, 
namely frequent (once or more per month) or seldom users 
(those who use Uber less often). Table 3 reports on differences 
in scores between frequent and seldom users. The null 
hypothesis of the test is equal means for the two groups. Table 
3 reports on the probability of the t-test. While all reported 
probabilities are below 0.01 (or 1%), the null hypothesis is 
rejected and the mean values of the two groups (regular and 
seldom users) are deemed to be statistically significant. Even 
though only the probability of the t-test is reported, results 
from three alternative tests (Satterthwaite–Welch t-test, 
ANOVA F-test, Welch F-test) confirm the significant difference 
in means – in some cases even at a lower probability as the 
reported t-test.

Frequent users of Uber had statistically significantly higher 
mean scores on all dimensions, as reflected in Table 3. The 
explanation for this can be associated with the previous use 

of Uber, which has influenced the respondents’ future usage 
intention. Even though the mean differences are significant 
for all six indicators, the biggest difference is for PU, where 
the regular users rank it much higher than the seldom users, 
followed by attitude. The smallest difference between the 
two groups is for SN. This is an indication that social pressure 
to use Uber, although significantly different for the two 
groups, is less of an issue compared to the individual 
contributes linked to the other five constructs.

Reliability and descriptive statistics
Initially, descriptive statistics were computed, specifically 
the mean and standard deviation for each item and dimension 
(Pallant 2016).

The descriptive statistics on each item appear in Appendix 1. 
From this, it is evident that the majority of respondents were 
positive towards Uber (with mean scores exceeding 4.00) on 
the items. However, items regarding the financial benefits of 
using Uber and items relating to the influence of others (the 
SN) all had scores below 4.00.

The mean scores on each dimension exceeded 4, with 
Intention and PEU having the highest mean scores, namely 
5.066 and 4.863, respectively. By contrast, the SN had the 
lowest mean, namely 4.139. This is somewhat surprising as 
while there is some influence of other people on the intention 
to use Uber; this was not as high as expected based on the 
scores on the other dimensions and some previous research 
(Chen et al. 2007).

The reliability of the dimensions in the instrument exceeds a 
Cronbach’s Alpha of 0.8, which is preferable (Pallant 2016) 
and similar to previous studies (see Table 1).

The Pearson correlations are also presented in Table 4. The 
positive relationship between these variables in most 
instances exceeded 0.5, which indicates the presence of a 
strong relationship (Pallant 2016).

The variance inflation factor (VIF) scores of the dimensions 
were also examined to ensure there was no multicollinearity 
between the constructs (Hair et al. 2017).

Convergent reliability was assessed based on the Average 
Variance Extracted (AVE) score, with all scores exceeding 
0.50 (Hair et al. 2017). Discriminant validity was assessed 

TABLE 3: Differences between frequent and seldom users of Uber.

Dimension Group Mean SD df p

PU Seldom 4.40 1.087 365 0.000
Frequent 5.11 0.830 - -

PEU Seldom 4.66 1.124 365 0.000
Frequent 5.31 0.751 - -

ATT Seldom 4.65 0.933 365 0.000
Frequent 5.31 0.835 - -

SN Seldom 4.04 1.083 365 0.006
Frequent 4.36 0.931 - -

PBC Seldom 4.46 0.967 364 0.000
Frequent 5.07 0.787 - -

Intention Seldom 4.89 0.968 360 0.000
Frequent 5.45 0.659 - -

SD, standard deviation; df, degrees of freedom; ATT, attitude; PU, perceived usefulness; PEU, 
perceived ease of use; SN, subjective norm; PBC, perceived behavioural control.

TABLE 4: Descriptive, reliability and correlation statistics.
Dimension Mean Standard 

deviation
Reliability (1) (2) (3) (4) (5) (6) AVE Fornell–Larcker 

Criterion

PU (1) 4.618 1.067 α = 0.918 - - - - - - 0.719 0.847

PEU (2) 4.863  1.066 α = 0.959 0.665** - - - - - 0.860 0.927

ATT (3) 4.788 0.969 α = 0.908 0.827** 0.573** - - - - 0.707 0.841

SN (4) 4.139 1.048 α = 0.820 0.561** 0.311** 0.525** - - - 0.544 0.738

PBC (5) 4.645 0.956 α = 0.920 0.726** 0.726** 0.731** 0.478** - - 0.641 0.800

Intention (6) 5.066 0.920 α = 0.899 0.697** 0.572** 0.758** 0.517** 0.737** - 0.792 0.890

AVE, average variance extracted; ATT, attitude; PU, perceived usefulness; PEU, perceived ease of use; SN, subjective norm; PBC, perceived behavioural control.
**, indicates 5% level of significance.
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using the Fornell–Larcker Criterion, with all the square root 
of each construct being larger than the correlation with the 
other constructs (Hair et al. 2017), thereby fulfilling this 
criterium. Details are presented in Table 4.

Hypothesis testing
Model 1: Technology Acceptance Model: To test these 
hypotheses, a multiple regression was used to assess the extent 
to which PU and PEU predicted attitude and intention. An 
analysis was conducted to ensure no violations of normality, 
linearity or multicollinearity as well as homoscedasticity. 
Using the Enter method, it was found that PU and PEU explain 
a significant amount of the variance in the attitude (F2.364 = 
402.9, p < 0.000, R2 = 0.689, R2

adjusted = 0.687). The analysis reveals 
that both PU (b = 0.764, t(366) = 19.517, p < 0.000) and PEU (b = 
0.094, t(366) = 2.409, p < 0.017) significantly affected the attitude 
towards Uber. Both the PU of the app and the PEU contribute 
to the overall positive attitude towards Uber, but the major 
contributor to the attitude was the PU. Perceived ease of use 
also impacts PU (b = 0.665, F1.361 = 289.7, p < 0.000). With 
respect to intentions to use Uber, the contribution of PU can be 
seen (b = 0.697, F1.361 = 340.2, p < 0.000, R2 = 0.486, R2

adjusted = 
0.484).

Model 2: Theory of Planned Behaviour: To test the model, a 
multiple regression was used. This was performed to 
determine the extent to which attitude towards the behaviour, 
the SN and PCB influence the intention to use Uber. An 
analysis was conducted to ensure no violations of normality, 
linearity or multicollinearity as well as homoscedasticity. 
Using the Enter method, it was found that all three 
components account for a significant part of the intention to 
use Uber (F3.361 = 227.8, p < 0.000, R2 = 0.656, R2

adjusted = 0.653). 

The analysis reveals that attitude (b = 0.427, t(361) = 8.987, 
p < 0.000), SN (b = 0.115, t(361) = 3.123, p < 0.002) and PBC 
(b = 0.370, t(366) = 8.046, p < 0.000) significantly affected the 
intention of using Uber. While all contributed, the largest 
effects were seen in the attitude and PCB determinants. 
While the SN was statistically significant, its effect on 
intention is not as large. The findings from the multiple 
regression for both models are summarised in Figure 2. From 
these findings, all the hypotheses formulated for the study 
are supported (see Table 5).

Dealing with cross-sectional data, there is a distinct possibility 
that heteroscedasticity is present in both Models 1 and 2. We 
performed the White Test to confirm our expectation of the 
presence of heteroskedasticity. The White Test’s results 
confirmed the presence of heteroskedasticity. We re-
estimated Models 1 and 2 with various corrections for 
heteroskedasticity. Tables 6 and 7 report the results for these 
adjusted models.

Table 7 reflects only minor differences in the level of statistical 
significance of the PEU variable compared to the unadjusted 
Model 1 results – reported in Figure 2. The variable remains 
statistically significant at the 10% level of significance. The 
signs and magnitude of the coefficients did not change 
significantly as a result of controlling for heteroskedasticity.

TABLE 5: Hypothesis testing. Model 1 – Technology Acceptance Model (TAM).
Hypothesis Description Result

H1 PU has a significant positive effect on the attitude 
towards using Uber

Supported

H2 PEU has a positive effect on the attitude towards 
using Uber

Supported

H3 PEU has a positive effect on the PU of Uber Supported
H4 PU has a positive effect on the intention to use Uber Supported
H5 Attitude has a significant positive effect on the 

intention to use Uber
Supported

H6 SN has a positive effect on the intention to use Uber Supported
H7 PBC positively influences the intention to use Uber Supported

PU, perceived usefulness; PEU, perceived ease of use; SN, subjective norm; PBC, perceived 
behavioural control.

TABLE 6: Model 1 – Regression analysis with Bartlett-Kernel, Newey-West 
adjustments for heteroskedasticity.
Independent variable Coefficient t-Statistic Prob.

PU 0.694299 14.34855 0.0000
PEU 0.085747 1.652739 0.0992
C 1.164902 5.423161 0.0000
Adjusted R2 0.687122 - -
F-statistic 402.8921 - -

PU, perceived usefulness; PEU, perceived ease of use.
Dependent Variable: ATT.

TAM, Technology Acceptance Model; TPB, Theory of Planned Behaviour.
**, indicates 5% level of significance.

FIGURE 2: Model results. 
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TABLE 7: Model 2 – Regression analysis with Bartlett-Kernel, Newey-West 
adjustments for heteroskedasticity (Dependent Variable: Intentions).
Independent variable Coefficient t-Statistic Prob.

ATT 0.411462 7.502223 0.0000
SN 0.104228 2.973675 0.0031
PBC 0.353057 5.679882 0.0000
C 1.017741 6.153081 0.0000
Adjusted R2 0.652573 - -
F-statistic 227.0220 - -

ATT, attitude; SN, subjective norm; PBC, perceived behavioural control.
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Controlling for heteroskedasticity in Model 2 did not change 
the signs, coefficient or the statistical significance of the 
variables in the model. 

The above multiple regressions are a standard and respected 
multiple variate analysis techniques, but which can be 
somewhat limiting. Other techniques may be more suited to 
account for measurement error as well as the simultaneous 
influence of all the variables included in the model. Structural 
equation modelling is an option as well as nesting Model 1 
into Model 2, as this would provide more statistical insight 
into the role played by different constructs. To refine our 
econometric analysis, we therefore use Two-Stage Least 
Squares (2SLS) to nest Model 1 into Model 2. In this approach, 
attitude depends on PEU and the PU. The results are 
presented in Table 8.

Discussion and recommendations
The purpose of the study was to investigate the intention of 
South Africans to use Uber. As an app-based service, Uber is 
influenced not only by the attitude towards the app (Model 1: 
TAM) but also other factors, such as attitude toward the 
service, SN and PBC (Model 2: TPB).

In the case of Model 1, the PU and PEU both contribute to the 
development of the attitude towards Uber with PU making a 
direct contribution. This concurs with the findings of Chen 
et al. (2007) and Yang (2013). Perceived ease of use was also 
found to affect PU, but the findings differ from Chen et al. 
(2007) and Wu and Chen (2005) in regard to significance. In 
this study, PU was found to be significant regarding the 
intention to use Uber (but not on the use of electronic tolling 
or online tax). Perceived ease of use has a limited though 
significant effect on attitudes, but an indirect effect can also 
be observed. Conflicting findings regarding the TAM 
components have been found previously (Averweg 2008), 
and this study expands the TAM into CC, which can also 
explain the different findings. Thus, these findings suggest 
that the app required to access the service provides value 
based on its functioning and composition.

From Model 2, attitude, SN and PBC were found to 
significantly influence intention, which supports the findings 
of previous research (Al-Gahtani et al. 2007; Bhattacherjee 
2000; Chen et al. 2007; Giles et al. 2004; Oliveira et al. 2020). 
This contrasts with the findings of Wu and Chen (2005) and 
Taylor and Todd (1995), which can be ascribed to different 

contexts; it also contrasts with Yang (2013), who found that 
the influence of SN was not significant.

Perceived usefulness, attitude and PBC had the largest 
impact on the intention to use Uber, emphasising their 
importance in CC. Thus, while the opinions of other people 
(such as family and friends) influence the intention to use 
Uber, the most important aspects are the attitude itself 
(linked to PU) and the extent to which the individual 
perceives their resources and skills in accessing the service. 
This result is also seen in the reasons given by respondents as 
to why they use Uber, which included convenience, not 
feeling like driving and enjoying a night out. The influence of 
others (as reflected in SN) was not as high as had been 
suggested in previous studies, where it was the second most 
important factor in electronic tolling (Chen et al. 2007), and 
where it has a large effect on the intention in the case of 
electronic brokerages (Bhattacherjee 2000).

The frequency of use could affect the above empirical results. 
From the sample, 138 respondents used Uber only once, 
while 227 used Uber more than once. Estimating Model 2 for 
these differentiated groups revealed that SN was no longer 
statistically significant among the respondents who used it 
more than once. This can be because social pressure and the 
opinions of other people no longer play a role in the intention 
to use Uber among the regular Uber customers.

Various managerial implications are associated with the study 
for Uber, CC services and for the wider economy. For Uber, 
firstly, the importance of the Uber app, specifically its 
usefulness, can be seen in this study in the effect of the app 
on attitudes and intention to use Uber. Continuous 
development of the app is needed to ensure that it remains 
relevant to customers, is easy to use and can deliver value. 
Continued communication about the app, its functionality 
and the costs associated with the service needs to occur. 
Secondly, the app results in the development of positive 
attitudes to use Uber, which in turn influences the intention 
to use in the future, which impacts demand for the service. It 
can indicate a future need for drivers and vehicles that Uber 
will need to support. Thirdly, those respondents who had 
frequent usage of Uber had an increased likelihood of future 
usage. Turning this intention into actual behaviour and 
increasing their own usage of Uber can be a focus of Uber’s 
marketing efforts, encouraging drivers to provide excellent 
service. This could be done using various types of promotions 
(discounts, coupons or referrals) to stimulate trial. Fourthly, 
the influence of others is identified in this study, thus 
encouraging users to recommend Uber through positive 
word-of-mouth. 

For CC services, previous positive experiences with Uber can 
impact the adoption of existing services (e.g. Airbnb) and CC 
new services such as clothing rental subscription services 
(Piontek, Amasawa & Kimita 2020) and furniture rental 
services (Kapoor & Vij 2021).

TABLE 8: Two-stage least squares – Regression analysis with Bartlett-Kernel, 
Newey-West adjustments for heteroskedasticity (Dependent Variable: Intentions).

Variable Coefficient t-Statistic Prob.

C 0.907952 4.250902 0.0000
ATT 0.351122 3.416587 0.0007
SN 0.140385 1.011245 0.3126
PBC 0.406764 3.603955 0.0004
R2 0.652353 - -
F-statistic 207.6152 - -

ATT, attitude; SN, subjective norm; PBC, perceived behavioural control.
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For the wider community, there are other implications that 
can be identified. Collaborative consumption, and specifically 
Uber impacts the broader economy and services offered 
(Zervas et al. 2017). For example, increased use of Uber 
impacts traffic congestion in urban areas, the availability of 
and access to collection points and the potential entry 
opportunities for present and future competitors.

There are various limitations associated with the study. 
Among the respondents, 138 respondents used Uber only 
once and their limited experience with Uber could impact 
their responses. Further, the disadvantages typically 
associated with the use of panel respondents, such as 
potential bias among respondents who take part due to their 
interest in the category can also be identified. The survey was 
distributed electronically, as this was suitable for the study, 
but this has the potential to impact the generalisability of the 
findings. 

Further research is needed to compare these findings across 
a broader spectrum of respondents and cultures as well as 
to investigate the link between intention and behaviour in 
the context of CC. Trust is integral to CC, which has not 
been addressed in this study, and hence, the role of trust 
within CC also requires investigation. Another area for 
future research within the trust domain is the gender 
dimension of Uber use in South Africa. There are very few 
female Uber drivers in South Africa. Yet, according to 
Williams (2018), female Uber users prefer female drivers. 
This aspect must be investigated beyond the anecdotal, 
thereby increasing the attractiveness of these services 
(Hossain 2020). Investigation in other countries and among 
other consumer groups, including the use of qualitative 
methods is also suggested.

Conclusion
The purpose of this research was to investigate the intention 
of South Africans to use and engage in CC, specifically Uber. 
The findings show a positive attitude towards using this 
form of CC and that this positive attitude is influenced by the 
usefulness of the Uber app and its ease of use (PEU), though 
in an indirect manner. The intention to use the service is 
impacted by attitudes, PBC and SNs, though to a greater 
extent by the former two determinants. This study reflects 
the intention to engage in CC such as Uber in the future, and 
these positive findings suggest opportunities for organisations 
providing similar CC services.
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TABLE 1-A1: Descriptive statistics for the complete instrument.
Construct Items Mean SD

PU Uber is practical 5.11 1.055
Using Uber improves my life 4.56 1.371
Using Uber makes things more efficient 4.84 1.201
Using Uber improves my transport options 5.00 1.191
Using Uber enables me to reach my destination 
faster

4.21 1.362

Using Uber is beneficial for me financially 3.97 1.378
PEOU I think setting up the application is easy 4.82 1.179

I think it is easy to use the Uber application 4.88 1.150
I think the Uber app is user-friendly 4.84 1.129
The payment process for using Uber is effortless 4.90 1.160
Rating an Uber driver after the ride is easy 4.87 1.130

ATT I am positive towards Uber operating in my area 5.02 1.140
I think using Uber is a good idea 5.15 1.001
I think Uber serves a good purpose 5.17 0.984
I think I can save money using Uber 4.11 1.373
I think I can save time using Uber 4.39 1.344
I think using Uber is comfortable 4.89 1.118

SN I think my close friends use Uber 4.80 1.250
It is important to me what my close friends think 
about Uber

3.75 1.595

I think my close friends think I should use Uber 3.99 1.495
Public opinion about Uber is positive in general 4.56 1.087
It is important to me what the public thinks 
about Uber

3.90 1.594

The media attention Uber receives affects my 
willingness to use the service

3.83 1.56

PBC I have the resources to use Uber 4.89 1.145
I have the knowledge to use Uber 4.99 1.123
I have the ability to use Uber 5.11 0.955
I trust Uber’s screening of their drivers 4.31 1.284
I trust the rating system of Uber 4.42 1.169
I feel in control when using Uber 4.31 1.290
I feel safer using Uber than a standard taxi 
service

4.75 1.247

Intention I intend to use Uber in the future 5.02 1.178
I would consider using Uber the next time I need 
a taxi service

5.07 1.155

I would consider using Uber when visiting 
another country 

4.99 1.096

I would consider using Uber when visiting 
another city

5.00 1.141

I would consider using Uber when having a night 
out

5.10 1.185

I would consider using Uber with my friends 5.15 1.068
I would not use Uber if it was illegal 5.13 1.321

SD, standard deviation; PU, perceived usefulness; PEOU, perceived ease of use; ATT, attitude; 
SN, subjective norm; PBC, perceived behavioural control.
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